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December 2018
Dear Colleagues, Members and Friends:

It was my pleasure to serve as Program Chair for the 2018 Society for Marketing Advances (SMA) Conference in
West Palm Beach, FL. One of the hallmarks of SMA is the warntalhebial manner in which members come
together to share the best in research and teaching innovations. In addition to its members, the conference and
society is also served by a dedicated group of volunteers, the Executive Committee (EC). The EC devotes
considerable time and energy throughout the year in order to plan and execute an engaging and successful
conference. The 2018 Executive Committee consisted of:

9 Diane Edmondson, President

9 Michael Levin, Treasurer

1 Rebecca VanMeter, Executive Director

1 Pia Albinsson, Secretary

9 Kesha Coker, Electronic Communications

9 Cheryl Ward, Academic Placement Services
1 Jie Fowler, Proceedings Editor.

The conference would not be a success without the generous commitment shbetelaghing and research track
chairs, session chairs, and reviewers; | continue to be inspired by the dedication and expertise of our members.
Heartfeltthanky o ués go t o Chris Hopkins and Kevin Shanahan for
Joe Hair, Lucy Matthews, Holly Syrdal, and Rebecca VanMeter for leading Hepierence workshops; Tom

Baker for chairing the Steven J. Shaw Best Paper in Conference; Robert McDonald for chairing the Doctoral
Dissertation Proposal Competition; and Ghdiewman for chairing the Doctoral Student Best Paper Competition.

The members of the Board of Governors serve an invaluable role by shaping therforsirategic vision of the

Society. Lastly, thandyou to all the generous corporate and educationalsspemwvho supported the Society and the
conference. In addition to organizing and executing its annual conference, SMA is dedicated to marketing advances
through its two affiliated journals Marketing Education Review and the Journal of Marketing Thed?tyeatide.

Under the leadership of their Editors, Jeff Tanner and Karen Flaherty, these journals continue to grow in stature and
impact.

Thank you for attending the SMA conference and for all your contributions that made it enjoyable and productive. |
hopeto see you at our 2019 conference in New Orleans.

J. Charlene Davis

Program Chair and Presidetect
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RUTH N. BOLTON is Professor of Marketing at the

W.P. Carey School of Business, Arizona State University.
She previously served as 2609 ExecutiveDirector of

the Marketing Science Institute. Dr. Bolton studies how
organizations can improve business performance over
time by creating, maintaining and enhancing relationships
with customers. Her recent research has focused on the
customer experienceustomer relationship management
and high technology, interactive services. She previously
held academic positions at Vanderbilt University, the
University of Oklahoma, Harvard University, University

of Maryland, and the University of Alberta. She also

spern eight years with Verizon, working on projects in the
telecommunications and information services industries.
Dr. Boltonds earlier published
organi zations6 service and pric
customer satisfaction, loyalty dmevenues. She has
extensive experience with survey research design, as well
as the econometric analysis of laigmle, integrative data
bases. Her research is typically conducted in partnership
with businesses, such as the Marriott Corporation,
HewlettPackard and Schneider National Inc. She has also
participated in executive education programs around the
world.

Dr. Bolton has published articles in the Journal of Consumer Research, Journal of Marketing, Journal of Marketing
Research, Journal of Servicesearch, Management Science, Marketing Science, and other leading journals. She
previously served as editor of the Journal of Marketing (ZB025) and Area Editor of the Journal of Marketing
Research (2062007), as well as serving on the Editorial Revigoards of other leading marketing journals. She

has also served on the Board of Trustees of the Marketing Science Institute and the Board of Directors of the
American Marketing Association. She currently serves on the Board of Directors of the ShetatiboiaslVice
President. She is the recipient of the 2016 American Marketing Association / Irwin / M¢@liddistinguished

Marketing Educator Award and the 2007 recipient of the Christopher Lovelock Career Contributions to Services
Award. Both awards argiven to only a select few marketing academics; they recognize distinguished service and
sustained outstanding contributions to the field of mai
University (Canada), and her M.Sc. and Ph.D. fraann@gieMellon University.
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FROM THE EDITOR

For more than five decades, marketing professionals froomd the world have attended the Society for Marketing
Advances Annual Conference, held in West Palm Beach, FisddeOctober 31- November 3, 2018.would like

to thank the authors, the reviewers, the executive committee members, and the boaechofg@ho contributed

to the conference.

| especially want to thank Diane Edmondson, Charlene Danis Pia Albinssarwho engaged in the review

process and organized the conference programs. We are also dipping into the considerable talent pSblAere at

Rebecca VanMeter, the executive editor, made much effort to set up the conference. Michael Levin, Cheryl Ward,

and Kesha Coker have joined us to redesign the website,
replacement. Also, our new officdLucy Matthews, has worked on our social media to promote our organization.

| hope SMA motivates you to join us in the coming years. On that note, | hope this conference inspires you to
engage in research and teaching. In the inspiring words of AlbertEt e i n, AiWe cannot solve ol
same thinking we used when we created them.o | invite

Best Regards,

J. G. Fowler
SMA Proceedings Editor
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Summary Brief

The Influence of Brand Oriented Tweets by User,

Firm and Third Party Organizations on Twitter on
Consumer so Brand At tentbrude a
The Moderating Role of Tweet Appeal

Md Nazmus Sakib, University of Texas Rio Grande Valley, USA
Swapnil Saravade, University of Texas Rio Grande Valley, USA
Reto Felix, University of Texas Rio Grande Valley, USA

Online Social media have enabled interactive communications among consumers, firms and third party
organizations (e.g. news channels).Thus, as marketers, it has become important to understand the role of source type
in brand related communications on comser s 6 behavi or al patterns. This res
communi cation source on consumers6 brand attitude and
examines how the type of source (user, firm and third party) influenstsririne source and credibility towards the
tweet, which in turn influences brand attitude and purchase intentions. In addition, the moderating effect of tweet
appeal (informational tweet vs. transformational tweet) in the process has also assessessultheshow that a
transformational tweet from a user and informational tweet from a firm had a significant effect on both trust in the
source and tweet credibility. In addition, a transformational tweet from a user and informational tweet from a firm
hasa significant effect on tweet credibility and but not on trust in the source. Further, tweet credibility and trust in
source had a significant effect on brand attitude and purchase intention.

Introduction

Social media such as blogs, microblogs, videoisavebsites, and forums are increasingly being used for public
information sharing and exchange of opinion. By enabling people to get connected with hundreds or even millions of
people around the world social media has dramatically altered the way peopteunicate with each other. This has
important implications for businesses as it has led to a new trend by which marketers can engage with their potential
customers especially on microblogging and social networking websites such as Twitter.

Twitter enaltes registered users to read and post short messages (called as tweets) limited to 140 characters.
Further, users can also upload short videos and photos. An appealing feature of twitter is the ability of its users to
follow and communicate with any otheser having a public profile. A key distinction between twitter and other social
media websites such as facebook is that following and being followed requires no reciprocation. In addition, the
retweet feature of tweeter enables users to spread infornsafiont hei r choi ce beyond the re:
followers (Kwak et.al 2010). Research has shown that retweeted tweet reaches an average of 1, 000 users irrespective
of the number of followers of the original tweet. Once retweeted, a tweet tyedeted almost instantly resulting fast
diffusion of information after the first retweet. A public profile could be created by an individual user, a firm or third
party organizations such as online and offline news channels, consultancy firms etc. andtweeoul d be At we
from such profiles. That means, firms are no longer the sole source of brand communication since consumers can now
discuss or share product/service information as well as their experience via social media (Bruhn et al, 2012). Further,
brand communication through third party organizations (TPO), has also received new momentum with the emergence
of social media (Dean & Biswas, 2001; Guan and Lala, 2017).

It is interesting that the most followed twitter accounts are of individual usspecially celibrities) with Katy
Perry leading with 94.5 million followers (as per statista.com). Further, in the context of brands the top 20 most
followed brands on twitter range from Instagram (number 2) to CNN breaking news (At position 4) to Selisilsg
(position 18) (AdWeek 2015). On a closer look, it can be observed that the source of a tweet could range from an
individual user to a third party organization such as a news channel or to the firm itself. Research has shown that
attention to tweetss highly homophilous (bloggers follow bloggers, media follows media, etc) and that half of the
information that originates from the media passes through an intermediate layer of opinion leaders, who classify
themselves as ordinary users, but are moreexied to the media than their followers (Wu et.al 2011). Further Wu



et.al (2011) showed that different types of content follow different lifespans in terms of the URL shared on twitter.

For instance, URLG6s genediveadas coplay eldl d g eJrR4 Otse rod i tgo nlae¢ eld
That means, the source of a tweet could have differential effect on the users in terms of attitude towards the subject
matter of the tweet.

In the current research we assume that, since a tweet could be fronvatualdiser, a third party organization
such as an online news channel, or a firm, it could influence the attitude of other users towards the brand and purchase
intention towards the brand. As of third quarter of 2017, twitter is used by 330 milliore aters monthly
(statista.com) with approximately 500 million tweets sent per day. Given that twitter commands such a huge following,
as marketers, it is important to understand the influer
intentions. Primarily because, marketing managers on a regular basis design and allocate marketing budgets to online
and offline promotional strategies. Understanding the effect of tweets and more specifically, the nature of tweets on
brand attitude and purake attitude could help marketing and brand managers to design effective communication
strategies, allocate necessary online resources and optimize marketing costs of the company.

Substantial research has been conducted on the persuasive effects of e\¥@Muirrent research, we assume
tweets as one of the multiple forms of eWOM, with others including facebook posts, youtube viogs etc. We investigate
the influence of three different sources of brand oriented tweets on Twitgar, firm and third partgrganization
on consumersd® brand attitude and purchase intention. W
attitude to be moderated by two form of message appéafigrmational and transformational. Besides, we also hold
consume8@ brand awareness and perceived tweet usefulness
confounding effects.

Literature Review

Prior studies on social media contents related to brands have primarily focused on user and marketer generate
content as well as eWOM in general on different consumer attitudes related to brand (e.g. E.W. & Ho, 2014; Erkan
and Evans, 2016; Kudeshia and Kumar, 2017). However, none of these studies have incorporated the brand related
contents of third party orgazation in social media and made a relative comparison with contents generated by user,
and firm. Besides, we are also analyzing the moderating effects of the tweet &ppdatmational and
transformational in these three contexts respectively to réffleictinfluence on brand attitude. Moreover, prior studies
analyzing brand oriented messages on Twitter are very limited in number as well as in scope. Therefore, the purpose
of our study is to fill these gaps and make a substantial contribution.

Firm Created Content

Given the immense popularity of social media based communication, companies are now recognizing the
imminent benefits of capitalizing upon this media with a view to engage with customers in more innovative ways as
well as to gain more contradver the seemingly uncontrolled communication among consumers via web 2.0
technologies (Li and Bernoff, 2011). As a result, firm generated social media contents are considered to be a critical
el ement of a company®6s pr omo 9).iFom adatednsocial medihacongnoricdtiona n d F ¢
involves vial dissemination of product related as well as promotional information via social media (Li and Bernoff,
2011) with a view to reach as well as engage greater capacity of general public as compaditiotat media
(Keller, 2009). Marketing managers expect their social media communication to engage with loyal customers and
influence customer perception of products, disseminate information and learn from their audience (Brodie et al, 2013).

fal)

User Gengated Content

Social media have empowered proactive consumer behavior regarding information and purchase process
(Burmann and Arnhold, 2008). User generated content can be defined by contents that are created by general public
rather than by marketingrgfessionals, are made publicly available, and reflects certain amount of creative effort
(Daugherty et al, 2008). However, two primary characteristics of user generated conténtsegrare not created
for any commercially oriented intentions and acd controlled by companies (Berthon, Pitt and Campbell, 2008;
Brown et al, 2007). Past research also indicated that consumers engage in generating social media contents for reasons
such as selpromotion, intrinsic enjoyment and desires to change pubtiaepéon (Berthon et al, 2008).

Third Party Organizations GeneratedContent

As the popularity of printed newspapers are declining substantially, news organizations have been trying to reach
their audiences online. Since social media have emerged aseasingly relevant channel in recent times, users use
social media sites not only for social contacts but also for source of information including news regarding politics,
economy, lifestyle etc.(Glynn CJ et al, 2012; Mitchell A; Oleddirsch A, 2015). A per Messing and Westwood



(2014), this trend may |l ead to a situation in which 06
the front page of the New York Times, but the Facebook
have developed strategies to (at least partly) adapt to the changing patterns of media usage and set up channels within
the social networking site (SNS) Facebook (Winer, Bruckner and Kramer, 2015). On these pages, the social media
editors regularly publise hort news or Il inks to online articles that
And, such posts by news channels often dedicated upon different product/service brands for sharing information
regarding their practices to the public. Theref analyzing how such journalistic texts regarding brands on a social

medi a have influence on consumersod perception toward b

Trust in Source

Literature has approached trust in multiple ways. For instance, Morgan and Hunt (19@4} shafotrust exists
Awhen one party has confidence in an exchange partner 6:
as ~“willingness to rely on an exchange partner in whort
in media is related with their media use and their perception of information on these media (Kiousis, 2001). Behavioral
intentions of customers are were found to be a result of trust and commitment (Mukherjee and Nath 2007). Further,
Wu et.al (2011) showk t h a't URLG6s generated ilveedblasg geormg atreerdd ttoo UR
from the media. We therefore, anticipate that source of tweet could have influence on the trust. Specifically, when the
source of the tweet is a user, the effect tdlrelatively higher when compared to the source of tweet being firm or
third party. Further, based on the above mentioned reasoning, trust in the source of the tweet could have positive
influence on brand attitude resulting in positive purchase intentions

H1: When the source type is user, trust in the source will be higher as compared to when the source type is firm
or third party.

H2: Higher the trust in source, more positive will be brand attitude.

Tweet Credibility

We propose tweet credibility as thendidence and believability of the content of the tweet. Research has shown
that, when a material is presented by a trustworthy source, opinions of the participants changed immediately in the
direction suggested by the communicator (Hovland and Weiss).1@8ither, in the context of selling the level of
credibility that the respondent assigns to the salesman influences how he perceives the salesman's ideas, products, or
service (Simpson and Kehler, 1980). Extending the findings in the context of twitanticipate that type of source
(user, firm or third party) could influence tweet credibility. We therefore, hypothesize the following:

H3: When the source of the tweet is from the user, the tweet will have higher credibility was compared to
tweets fromthe firm or third party.

H4: Higher the tweet credibility, more positive is the brand attitude.

Brand Attitude and Purchase Intention

According to Ol son and Mitchell (1981), brand attitud
Brand dtitude is frequently conceptualized as a global evaluation that is based on favorable or unfavorable reactions
to brandrelated stimuli or beliefs (Murphy and Zajonc 1993). Multi attribute attitude models (Ajzen and Fishbein
1980) postulate that the ovéiravaluation of a brand is a function of the beliefs about specific attributes of the
brand/product. Substantial empirical research indicates that brand attitude influences customer evaluations of brands
(Aaker and Keller 1990; Low and Lamb 2000).

In thisstudy, we include brand attitude to enhance our understanding of the effects of brand oriented tweets from
di fferent sources (i.e. wuser, firm, and third party org
social media contents cted by user, firm and third party organization to positively influence brand attitude which
could eventually influence purchase intention. According to Ajzen and Fishbein (1975), attitude constitutes a
multiplicative combination of the braruhsed associans of attributes and benefits based on the assumption that
brand attitude is influenced by brand awareness and brand image. Prior research has indicated the positive influence
of word of mouth (WOM), user created and firm created communication on bnardress (Godes and Mayzlin
2009; Bruhn, Schoenmueller, and Scha“fer 2012; Yoo, Donthu, and Lee 2000). We assume that social media contents
created by user, firm and third party organization on Twitter (in form of tweets) regarding brands will have positiv
influence on consumersd6 brand attitude. Therefore, we |

H5: Positive brand attitude will result in higher purchase intentions
Tweet Appeal



In the context of advertisements, Kotler and Keller (2008) showedadvartisement appeal should show some
type of benefit, encouragement, agreement, or reason and why consumers should pay attention to or purchase the
product. Further, eWOM provides a way for consumers to share and discuss brand and product applicgéioreexpe
(Voss et al. 2003). These ideas could be informational or transformational. Applying Puto and Wells (1984), we refer
to informational tweets, as the ones which are primarily factual, based on relevant data (for instance, brand data)
allowing consumes to have greater confidence on their ability to assess the merits of the text (here, brand related
text). On the other hand, a transformational tweet associates the experience of using (consuming) a brand with a unique
set of psychological characterigtiovhich would not typically be associated with the brand experience. Thus, tweets
of this form "transform" the experience of using the brand by endowing this use with a particular experience that is
different from that of using any similar brand. Eachtofet t wo f or ms of tweets -coul d i
di sposition. Research has shown t halti vieRIL dass gceonnepraarteedd tl
originated from the media (Wu et.al 2011). Further Puto and Wells (1984) showed that televisimercials are
capable of functioning as a transformational medium.

H6a: When the tweet appeal is transformational and when the source of the tweet is firm or a third party
organization (e.g. online news channel), the effect on tweet credibility astdrtrspurce will be
significantly higher as compared to the source being user.

H6b: When the tweet appeal is informational and when the source of the tweet is user, the effect on tweet
credibility and trust in source will be significantly higher as coragdo the source being firm or third

party.
Tweet Appeal
¢ Informational
+  Transformational
Tweet
credibili
Source Type i .
" User ' _ . Purchase
v Bl < * Brand attitude y e
. Thidpoty - 4 ention
organization N
“ Trustin source

Figure 1: Conceptual Model

Method

A pretest with 20 undergraduate students was conducted ensure to the distinction between informational tweet
appeal and transformational tweet appeal. Participants were rgnplicasented with either a transformational tweet
or informational tweet. The informational tweet was:

Hold your brush at a 48legree angle and brush with both small back and forth strokes and up and down
strokes. To clean behind your teeth and gums, pleeéristles at a 4dlegree angle again repeat the
brushing motion. #BrushBrush with #FreshGel

The transformational tweet was:

The FreshGel toothpaste has all that is needed to remove plaque and bad breath. Join the fight against
tooth decay !!! #Brushiish #FreshGel #FightToothDecay

After reading the tweet, participants were required to answer two-itemti scale questions. One question
assessed the informational appeal of the tweet and the second question assessed the transformational appeal of the



tweet. Participants rated informational tweet higher on the informational factor and transformational tweet higher on
the transformational factor. The results indicated a significant difference between informational tweet and
transformational tweet (p<0.05).

In the main study, we employed a 3 (source type: user vs. firm vs. online news channel) x 2 (tweet appeal:
informational vs. transformational) between subjects research design. The total sample comprised of 151 participants
recruited using Amazon Mechaal Turk (MTurk). The sample was composed of approximately 30% females, with
approximately 69% of the total participants were in the age range-34.25ach of the participant was subjected to
one of the six conditions. Participants were informed thatewn c o mpany named fADental freshdo
for dental products. Specifically, participants read the following description:

A new company named " Dental fresh" has entered the market for dental products. The company has multiple
products such satoothpaste, mouthwash, toothbrush etc. Dental Fresh has multiple brands within each product
categories. One of their toothpaste brands is "FreshGel".

In the following section, you will be presented with a tweet about this brand. Please read the taesiand
the questions that follow.

Participants were then randomly subjected to one of the six conditions. We manipulated the tweet appeal by
subjecting participants to either one of the tweets that we pretested. The source type was manipulated mgmentioni
that the given tweet was either from a user named @rob
the firm itself MA@ reshgel 0. For instance, some partioc
@rob123, some read the samérmational tweet from an online news channel @realnews while some read the
informational tweet from the firm itself @freshgel. Similar conditions were for the transformational tweet. We used
hypothetical names such as @rob123, @realnews and @fresdjatinate the confounding effect of familiarity.

After reading the tweet, participants6é answers serie
credibility of the tweet, brand attitude and purchase intention. We also included éiomiteeck question to ensure
the quality of data. Specifically, participants were a:
as a data quality checko. Of the total r e sheguestiens we r e

and were therefore eliminated from the analysis resulting in a sample of 151 participants. Lastly, participants were
asked to complete demographic questions.

Measures Measurement scales from existing literature were adapted to our researekt ¢0 measure the
construct s. Al | the scales were anchored on a seven po
brand attitude scale was adapted from Colliander and Dahlen (2011), Sengupta and Johar (2002) and Erdem and Swait
(1998 2004). Trust towards the tweet was adapted from the scale for trust in service provider by Hei et.al (2004). The
scale for purchase intention was adapted from Baker and Churchill (1977).

Analysis and Results

Given the presence et mppermradtdi omnwvevaeirazbhetfiawée t o ar
therefore, broke down the model into two parts and analyzed each of the parts separately. Specifically, in the first part,
we analyzed the effect of source type and moderation effect of appeal on tweet credibility and trust in source
using two independent sample t test. In the second part, we employed PLS SEM to analyze the effect of tweet
credibility and trust in source on brand attitude and purchase intention. The results of tvemdtahesample t test
showed significant difference across different groups within the 6 groups (Table 1 and 2). Of specific interest was the
interaction effect between source type and tweet appeal on tweet credibility and trust in source. Analysis of sourc
type and tweet appeal indicated a significant difference between two groups when the source was user and appeal was
transformational (M=4.406, SD=0.95) and when source was the brand and the appeal was transformational (M=5.121,
SD=1.105), on tweet credithy, t(49)=-2.466, p = .016<.05. Further, considering both dependent variables (trust in
source and tweet credibility) there was significant difference between the groups when the source was user and tweet
appeal was transformational (M= 4.552 , SD =08.5and when the source is brand and tweet appeal is informational
(M= 5.418 ,SD= 0.6441), t(45)=2.498, p = .016<0.05 (tweet credibility) and t(452:011, p=0.05 (trust in
source).When the dependent variable was trust in source, there was sigdifiesgrice between the groups the two
groups: when the source was user and tweet appeal was transformational (M= 4.406, SD = 0.9571) and when the
source was brand and tweet appeal was informational (M= 4.864, SD= 0.5036),2(8%) p = .05.

Factor amalysis was conducted using principal component analysis and varimax rotation (Figure 1). The results
of the factor analysis showed that items loaded on four distinct factors. Given that the other half of the model was
examined using PLSEM, the path coeffients, t statistic and the variance was observed and noted (Figure 2,3 and



4). All the three paths were statistically significant. Specifically, the path from tweet credibility to brand attitude (b =
-.294; 1=3.125; p <.01), the path from trust in sourcbrand attitude (b= 0.544; t=5.949; p <.01) and the path from
brand attitude to purchase intention (b = .790; t = 21.772; p < .01). Trust in source and tweet credibility explained
64.4% (R2= 0.644) variance in brand attitude and 62.5% variance in parcti@ntion (R2=0.625)

Discussion

The current research investigated how brand attitude and purchase intention were influenced by source of the
tweet. Further, the moderating role of tweet appeal (informational vs. transformational) was assessed.uSide we
tweeter as a platform, the mediating effect of tweet credibility and trust in source was also assessed. The model was
broken down into two parts and analyzed individually. The results showed that a transformational tweet from a user
and informationatweet from a brand were perceived to be significantly different and had a significant effect on both
trust in the source and tweet credibility. In addition, a transformational tweet from a user and informational tweet from
a brand were found to be sign#iatly different and had a significant effect on tweet credibility. Interestingly, tweets
from third party organization (online news channels) did not show any significant effect on trust in source and tweet
credibility. Further, results from the PLSEM aralysis showed that tweet credibility and trust in source had a
significant effect on brand attitude and purchase intention.

The current research was conducted the context of a new brand entering a market. Results of our analysis,
contribute to understamtj the nature of communication that companies should undertake when entering a new
market. Further, the current research, provides a nuanced understanding of the type of source and its influence on
brand attitude and purchase intention. This is importarmtdmpanies in managing and promoting products on social
media such as tweeter. Given the fact that large corporations and brands use tweeter to communicate their offerings,
corporate social initiatives and other pertinent activities, the results aktt@arch could help brand managers and
marketing managers to tailor their communication to generate a favorable response from their target segment. Brand
managers could use the results of this research to design online promotional strategies. Sinet dppdalehad a
differential effect when aligned with the type of source, marketing managers especially in the context of new brand,
could use these findings to generate a positive brand attitude and purchase intention.Interestingly, on the face of it, it
could be anticipated that informational tweet from an online news channel could influence trust in source. However,
we did not find any significant relationship of online news channel (third party) with trust in source and tweet
credibility.

The current research contributes to theory by shedding light on the effect of source type on trust, credibility, and
attitude and purchase intention in the online space. In addition, the conceptual model shows parallel mediation effect
of trust in source rad tweet credibility along with the moderating effect of tweet appeal. Further, the tweet appeal
provides a nuanced way of communicating a brand to the target audience.

Limitations and Future Research

The current research was conducted in the contex¢wfmarket entry. A similar study could be conducted in
the context of existing brands. Further, given that companies highlight their corporate social responsibility initiatives
on tweeter, it would be worth exploring the effect of such tweets on brandiatéind purchase intention. Further in
the context of service failure and service recovery, online communication strategy could be explored in the context of
tweet appeal and source type. In addition, we considered the product category as toothpdstgjalifiecs as a
relatively low involvement product. Future research could explore the effect of source type and tweet appeal in the
context of high involvement products. In the current research, effect of online news channel (as third party source) did
not have any significant effect on brand attitude and purchase intention. We anticipate that, in the context of high
involvement products, there could a significant effect of third party tweets on brand attitude and purchase intention.

Conclusion

The currenr esearch found that nature of online communicat
attitude and purchase intentions. Specifically, in the context of new brands transformational tweets from users and
informational tweet from firm have signifinainfluence on trust in the source and tweet credibility. Further, the effect
of tweet credibility and trust in the source had a sign



Appendix 1: Exploratory Factor Analysis

Rotated Component Matrix®

Component
1 2 3 4

Tr3ource2 G54

TrSourced 733

TrSources G449

Tr3ourcef 12

Trsource7 62

TrSource3 .rog

TwCredi G543

TwCred2 60

TwCred3 70

TwCredd 786

TwCreds 70

Pl1 A496E
PI2 685
Pl3 634
Pl4 678
BA4 T7

BAS 481

BAB 70

BA1 751

BAZ T7

BA3 770

Extraction Method: Principal Component Analysis.
Fotation Method: Varimax with Kaiser Mormalization.

a. Rotation converged in 7 iterations.



Appendix 2: PLS - SEM Model (Effect Sizes)

Appendix 4: Structural Model

Tweet credibility
| \ . 0‘2?‘0 ..
 R2:0688 —R2=0825
~ [ 0.790%** .| Purchase
= J| Brand Attitude | | Intention
_.saaer

Trustin Source

(*p<.1, *p<.05, **p<.01)
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Summary Brief

Living in Lululand: How Brand Love and Online
Brand Communities Drive Participation in the
Sharing Economy

Shannon McCarthy, The University of Central MisspUI$A
Karen Hood Hopkins, Auburn UniversjtySA

Growth in social media usage has presented consumers new opportunitites to diespldgtities and directly
connect with brands through multiple platforms. Facebook groups can serve to facilitate brand communities and allow
consumers to find likeminded fans. Lululand is a Facebook community where fans and consumers of Lululemon share
deals they find in person at Lululemon stores and outlets and offer to purchase for fellow group members. This paper
wi || explore the consumerdés use of the online brand co
implications for future prchases, brand love, and brand loyalty.

ltds no secret women | ove, and are particular about,
with the U.S. market estimated at approximately $117 billion in 2017 (Statista 2018). Women demioysitste
appar el brands based on trust and the brandds previous

brands reflecting high quality and a fit with their reference group andnsetfe. Dedication to a brand over time can
lead the cummer to feel brand love.

Whil e disagreements exist as to brand | oveébsanddef i nit
integration, passiedriven behavior, positive emotional connection, ldegn relationship, positive overall valence,
attitude confidence and certainty (strength), and anticipated separation distress (Batra, Ahuvia, and Bagozzi 2012).
These elements support brand loyalty, predict likelihood to spread positive word of mouth, and resistance to attitude
change by the consume\s consumers display their identity online, one method of identity demonstration is through
public online group membership and interaction with members of the online brand community.

Online Communities

More than 200 million Facebook groups exist, raggrom university clubs to families to swaps and sales pages
to brandfacilitated communities (Liffreing 2018). These groups serve a variety of consumer interests. Brands look to
build these groups as ways to provide additional content to consumetis thgatt candét fi nd anywher e
consumers, and build brand communities. They can also serve as a way for consumers to engage in the sharing
economy. The sharing economy is the gegreerbased activity of obtaining, giving, or sharing the actegpods
and services, coordinated through commubiged online services (Hamari, Sjoklint, and Ukkonen 2015).

One such Facebook group is Lululand. Lululand is a g
shop and help each otherfinddeals d ot her i tems that may not be readily
June 2018, there were over 12,000 members. Lulul and s
fangel so are at retail 0 u tildbke temls, offer torperchasée thase psotiuots fer sther t h e y
group member s, and members can say fAme pleased if t h

administrators have strict guidelines as to products that can be angeled, what informatibiléoin angeling posts,

method of and procedure for payments, and consequences for breaking the rules. Group norms encourage shoppers to
tip angels to cover gas, packaging, and their time. Lululand has several sister groups (such as Lulu Babble) to engag

in discussion among group members (some Lululemenl at ed, but no required) and ev
events per year to help build community. These numerous betated interactions have led to offlingeetups,

frequent community exchangared discussions, and the development of friendships.

This paper explores the role of brand love in consumer motivation to participate in an online shopping
environment, as both shopper and angel. Specifically, this paper seeks to determine if engatimgdiommunities
via the sharing economy helps grow the consumer s bran
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Method

Members of the closed Facebook group Lululand will be
self-brand connectiorotLululemon will be assessed using the-befnd connection scale (Escalas 2004; Escalas &
Bettman 2003, 2005). Second, the consumerds commit ment
l oyal to Lululand, o dAfifamewiihiogdeo mak&esmalubki sgctul
to postpone my purchases if the _ site was temp
Customer delight will be assessed (Barnes et al. 2016). Commitment to Lululélinoe mreasured with items like
il am really attached to the brand of __ |1 wuseo and
best for meodo (Coulter, Price, and Felicia 28%@3and Addit
membership in Lululand, angel vs. shopper, frequency and amount of purchases, membership in related groups, group

participation, and demographic characteristics.
Results, implications, and conclusions will be discussed.
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Summary Brief

Does Blog Authorship Matter? Corporate and Third
Party Blogs and Brand Attitudes

Deborah A. Colton, Rochester Institute of Technology, USA

Introduction

Blogs can be effeate marketing communications tools. They are a platform for companies to announce new
products, demonstrate expertise, offer commentary and share information about products, events, and other corporate
happenings. In the brieknd mortar world, companies delop marketing communications to build brands, announce
new products, and share information. In essence, companies use many different strategies to remind, inform, and
persuade. And, advertising is one of the leading marketing communications stratediéy eempanies. Business
blogs and advertisements are similar in that they are designed to communicate with target markets with the objectives
related to reminding, informing or persuading. Although business blogs and advertisements have distinctive
charateristics (i.e., copy, text, format, length, media used, and so on) they share a common poigsenunicate
with a target audience about an organization and/or its products and services. As more companies join the blogosphere
to tout their brands, prduct s, and corporate activities, it is impo
business blogs.

Conceptual Framework and Hypotheses

The conceptual framework to understand attitude towards blogs is based on the Aad and Abrand literatures
(Mitchell and Olson 1981, Shimp 1981, MacKenzie, Lutz and Belch 1986, MacKenzie and Lutz 1989). The
independent variables in our analysis are blog credibility and attitude towards the corporation. Prior models on Aad
explore the significant role credibility playn the formation of attitudes. In this paper we propose that credibility can
be further extended to the blog environment by substituting Aad with attitude towards the blog (Ablog). For the
purpose of this study we define blog credibility as the tendenogumers have to perceive claims made within a
particular blog to be truthful and believable. In addition, we can extend this definition of blog credibility by suggesting
that blog credibility can also refer to degree to which blogs is perceived bys@ittaving expertise relevant to the
content and can be trusted to give an objective opinion on the brand and or company.

Attitude towards the corporation may be important in shaping attitude towards blogs. Dimensions of attitude
towards the corporatigrsuch as credibility, past experience with the company, overall perceptions toward the
company (MacKenzie and Lutz, 1989) and how honest companies are, had a strong influence in attitudes toward blogs.
A key construct in defining attitudes toward the aogtion is corporate credibility. Keller (1998) defines corporate
credibility as the extent to which consumers believe that a firm can design and deliver products and services that
satisfy their needs and wants. Attitude towards the corporation can leévpdras representative of an accumulation
of information and experience acquired over time (Lutz, 1985). Consumers tend to assess the quality of brands based
on their perception of how trustworthy the information presented by companies is. Neverthigeds, taward the
corporation not only impacts attitude toward blogs and attitude toward brands. As consumers develop positive attitudes
toward corporations, purchase intentions may increase; and consequently, corporations experience positive increases
ontotal sales as well.

H1: The stronger the credibility of a blog, the greater the effect on the attitude toward the blog.
H2: The stronger the attitude toward the corporation, the greater the effect on the attitude toward the blog.
H3: The stronger thetttude toward the blog, the greater the effect on the attitude toward the brand.

Unlike advertisements where the advertiser is quite obvious (i.e., the name of the company is generally prominent
somewhere in the ad), the ownership of blogs is less evibtefact, many blog readers are not aware of the actual

owners of blogs. For example, Company ABC may have a bl
would assume that the owner of the blog is Company ABC, and correctly so. Howekem#y be a blog about the
Awi dget o product Iline, but the blog owner may be a cus:

readers may assume that the Company ABC owns the blog. Blog readers often presuppose blog ownership based on
the content of the blog and often do not verify blog ownership before making a judgment on ownership. Thus, we do

14



not expect differences between corporate andaooporate blogs (blog ownership) or between general and product
specific blogs (blog focus).

H4: Blog credibility will not differ across (a) blog ownership or (b) blog focus.

H5: Attitude toward the corporation will not differ across (a) blog ownership or (b) blog focus.
H6: Attitude toward the blog will not differ across (a) blmgnership or (b) blog focus.

H7: Attitude toward the brand will not differ across (a) blog ownership or (b) blog focus.

Conclusion

To test the hypotheses H1, H2 and H3, structural equations modeling was used. All path coefficients were
significant at the < .05 level. The path coefficient between Blog Credibility and Attitude toward the Blog (ABlog)
was significant, however it was in the opposite direction than was hypothesized. The path between Attitude toward
the Corporation (ACorp) and ABlog was sigandnt and in the predicted direction. Thus, the first hypothesis is not
supported while the second hypothesis is supported. The path between ABlog and Attitude toward the Brand (ABrand)
was significant and in the predicted direction thus, hypothesis thregpported. ANOVA was used to assess H4
through H7. The results indicate that neither blog ownership (corporate -cormorate) nor blog focus (general or
productspecific) were significant. The values for R2 are also presented. Based on theseH4ghltsugh H7 are
supported. Thus, for the main constructs in this study blog ownership or blog focus are not significant.

Blogs are growing in popularity as a marketing tool. Both corporations and individuals are blogging about a range
of topics. Fromabsi ness perspective, corporations have the opp
blogs. Business blogs are similar to ads with the objective of informing, reminding or persuading through promoting
a corporation and/or its products. Howewanlike ads which always originate from the corporation, business blogs
may or may not originate from the corporation. There are many blogs about companies and products that are not
affiliated with the actual corporation. Thus, it is important for comatoebe aware of the influence that non
company blogs may have on consumersé6 attitudes. This s
related to attitude toward the blog, regardless of whether the blog was owned by the corporatisther tve blog
was general in nature or prodiggecific. Furthermore, and more importantly from a business perspective, attitude
toward the blog was directly related to attitude toward the brand. The implications for businesses are the positive or
negatie role that blogs not affiliated with the company can play in influencing brand attitudes. Thus, it is imperative
that companies monitor the blogosphere and take actions to address issues raised on blogs that may affect attitudes
about their brand.

Blog credibility was not found to be positively related to attitude toward the blog. One would expect that the more
credible the blog, the more positive the attitude about the blog. A possible explanation for the results may be the
measure used to assess blagldility. The measure was based on the mitdth measure for ad credibility. Although
the items seem as though they would be appropriate, it
is based on other dimensions or richer elemeisekample, one of the items pertained to how informative the blog
was. It may be that the characteristic of being informative is a baseline expectation for business blog whereas
informative with respect to advertisements may mean something different.
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Summary Brief

Examining the Effects ofFunctional and Relational
Customer Orientation on Creativity and Performance
In a Retail Sales Context

Alyson Luis Adéo, Pontificia Universidade Catdlica do Parana, Brazil
Heitor Takashi Kato, Pontificia Universidade Catdélica do Parana, Brazil
Sandro Deretti, Universidade Estadual do Parana, Brazil

Elten Briggs, The University of Texas at Arlington, USA

This study replicates and extends a model examining the effects of two dimensions of customer orientation (i.e.,
functional and relational) os al esper sonsd creativity and performance t
were collected from both retail mangers and salespeople in Brazil and analyzed usiSgERLS

Introduction

In today's retailing environment, the role of the retailgadeson has evolved from simply being responsible for
basic sales tasks to managing complex activities such
decisions (Claro and Kamakura 2017). Creativity has been identified as a key competencgrthhelp retail
salespeople improve their performance with customers (Lassk and Shepherd 2013). However, recent studies on
salesperson creativity have typically occurred in the context of budinessiness selling (Agnihotri et al. 2014;
Miao and Wag 2016), where the salesperson has greater responsibility for managing individual client relationships.
I n this paper, we apply and extend a model examining th
creativity, and performance to etail setting (Miao and Wang 2016).

In the retail sales context, there have been conflicting research results regarding the influence of customer
orientation and selling orientation on sales performance. Using a U.S. sample, Boles et al., (2001) finds that
salesperson customer orientation has a direct and positive influence on performance, but that the direct influence of
selling orientation is nonsignificant. However, recent research by Kdagiajli et al., (2017) directly contradicts
these results. Usina European sample, their research finds that the direct effect of customer orientation on sales
performance is nonsignificant, and that selling orientation has a direct, positive influence. Clearly, more research is
needed to clarify these findings.

Data Collection

Researchers developed and administered two questionnaires to home improvement and fashion stores in a
Brazilian city. Pretests were performed by meeting faodace with a small number of managers and employees to
assess the reliability angaropriateness of the questionnaire items. The first questionnaire was directed at retail
managers and contained questions about their storebs s
salespeople and contained questions about furadticustomer orientation (FCO), relational customer orientation
(RCO), creativity, and sales performance. The final sample was comprised of 177 salesermger dyads, each
from a different retail store. Virtually all of the responding stores (97%)dvoelclassified as small businesses.

The measures for FCO, RCO, and salesperson creativity used in this study were identical to those from Miao and
Wang Q01§iher eafter AM&W160. We measured sales perhétor mance
were applicable to retail selling (i.e., sales in the last 12 months, exceeding sales targets, and selling products with
hi gher profit margins). Salespeople had to compare the
mu c h b e tlly, e adsessdd the sdrategic use of different sales models by presenting the following statement to
manager s, AwWe employ different selling models for cust.
serviceso and havfilng= tnhoetm arte saploindod tfor oinr = t o a great ex

1 This study has financial support from Fundac&o Araucaria, of Parana State Government
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Analysis and Results

Whereas M&W16 applied regression analyses, the present study us&ERL® simultaneously test all the
model effects shown in Figure 1. Fit indices indicated that the structural madel good fit to the data. Our results
support the notion that creativity also positively influences salesperson performance in the retail context. However,
several other findings suggest that the impact of salesperson customer orientation differ§ salestaiontexts
compared to B2B sales contexts. Contrary to M&W16, who found a positive interaction between RCO aodrFCO,
study finds RCO negatively moderates the relationship between FCO and salesperson creativity. We find that both
RCO and FCO direlt influence creativity, whereas only the influence of FCO was significant in M&W16. Also,
unlike M&W16, we find that FCO directly influences performance. Further, our results supported the notion that the
implementation of a sales model differentiatiorattgy positively moderates the influence of salesperson creativity
on performance. This moderator was not tested in M&W16, but its effect suggests that creative retail salespeople tend
to stand out even more from their peers when required by managédeptdtzeir selling strategies to customer value
preferences.

Figure 1: Conceptual Model

Sales Model
Differentiaion
[Managet

Functional

Customer

NMvinnmtatinn

Salesperson
Performance

Salesperson
Creativity

Relational
Customer
Orientation

Note:Bolded effects significant ap < .05
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Summary Brié

Examining Saliency of Store Environments Using a
Qualitative Lens

Julie Steen, Middle Georgia State Universit\bA

Store environments have frequently been examined using quantitative methods. The purpose of this research is to
usequalitative methods to identify which elements of store environments are most salient to consumers. First, research
offering conceptualizations of store environments is reviewed and a comprehensive list of store environment elements
is created. Next, conmers are interviewed about their perceptions of store environments. The interviews are
transcribed, coded and analyzed. The results show that the most salient store environment elements include behavior
of service personnel, merchandise/product assortnetanliness, price/value and layout.

Mar keting researchersé interest in store environments
work on retail personality. Today, store environments continue to be of interest to traditionalarinkrtar retailers
as the competition with internet retailers intensifies and shoppers seem to be shunning traditional shopping locations
such as malls. Over the years, store environments have received several monikers. The most popular are atmospherics
(Kotler 1974; Turley and Milliman 2000), servicescapes (Bitner 1992), and store environments (Baker et al. 2002). In
addition, several conceptualizations of store environments have been offered (e. g. Baker 1987; Bitner 1992; Hooper,
Coughlan, and Mullen@®L3). One literature review identified over 50 store environment elements of interest (Turley
and Milliman 2000). As a whole, research suggests that store environment elements influence emotions, and in turn
these emotions influence behaviors such as tieuat of time spent in an environment and the amount of money
spent in an environment (Baker et al. 2002; Donovan and Rossiter 1982).

The vast majority of research conducted on store environments is descriptive and quantitative in nature. One
notableexcepi on i s a qualitative study on the irritating asp
guantitative studies is that the authors ask respondents about specific elements of the store environment. This means
that respondents are presemgth dimensions or elements of the retail environment with no opportunity to express
what retail environment elements are most salient to them. This is even more of an issue considering the large number
of potential store environment elements that ekidty or more elements cannot be adequately addressed in a given
study.

The purpose of this research is to identify which elements of store environments are the most salient to consumers.
Rather than being presented with a list of environmental elemesisondents are asked about their shopping
experience and salient elements are identified organically. Once salient store environment elements are identified,
retailers can use this information to create store environments that are more appealing tersonsum

Literature Review
A review of the literature identified six articles that offer a distinct conceptualization of the store environment.
Baker (1987) identified three dimensions of the store envirordnamtbient, design, and social. The ambient

dimension ncl udes air quality, noise, scent, and cleanlines
the | evel of our i mmediate awarenesso ( Badinensions 8f8 7, p .
aesthetics and functionalandis@§i ned as #fAsti muli that exist at the fore

Aesthetic elements include elements such as color, scale, and materials. Functional elements include layout, comfort,
and signage. The social dimension includes the nurappearance, and behavior of both other customers and service
personnel.

Bitner (1992) coined the term servicescape and identified three environmental dimensions of servicescapes. The

ambi ent di mension includes @b aenksmochastantberatunealighaingtneisej st i ¢ s
music, and scento (Bitner 1992, p. 66). The spatial | ay
and furnishings in the environment as well as the size, shape, spatial relationships aesnamaofthose items.

Functionality is Athe ability of the same items to f ac

1992, p. 66). The signs, symbols, and artifacts dimension includes elements that communicate or signal information
to consumers.
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Yoo, Park, and Maclnnis (1998) identified seven dimensions of store characteristics. The product assortment
dimension includes availability and variety of products. The value dimension includes perceptions of the quality and
price of products. Th s al espersonds service dimension includes th
salesperson. The after sale service dimension includes store policies on returns, repairs, and refunds as well as delivery
and installation services. The locatiomménsion includes transportation and space for parking. The facilities
dimension includes store size, space, and congestion. The atmosphere dimension includes design, lighting, air quality,
decorations, and music.

Turley and Milliman (2000) provide a ligif fifty-seven store environment elements. However, their literature
review shows that only a small number of the listed elements have been empirically studied. The elements that have
been empirically examined include music, aroma, color, lighting, layhalf space, product displays, signage,
crowding, and appearance of retail personnel (Turley and Milliman 2000).

Raajpoot, Sharma and Chebat (2008) offered a conceptualization of shopping malls that includes employee
behavior, design, customer compattyil product assortment, and accessibility. Employee behavior refers to the
helpfulness and politeness of employees. Raajpoot and colleagues (2008) primarily equate design with layout, yet the
measure used for design includes tidiness and cleanlinesent@nstompatibility refers to the similarity of other
customers to the consumer. Product assortment includes the selection, style and quality of products. Finally,
accessibility includes how close the shopping mall is to their home and the ease of atisesdingping mall.

Hooper and colleagues (2013) conceptualize the store environment as having four dirdesnsibiest, design,
equipment, and cleanliness. The ambient and design dimensions are defined similarly to Baker (1987) and Bitner
(1992). The equiment dimension includes the quality and functionality of the equipment. The cleanliness dimension
includes cleanliness, neatness and tidiness. Appendix 1 summarizes the elements identified in the literature review.

Method

To determine store environment mlents that are most salient, interviews were conducted with ten consumers.
Consumers were first asked to think of retail businesses they had visited within the last month. A maximum of four
retailers were recorded per consumer. To help respondents rembaibghopping experience, the respondents were
asked to list the types of products they were shopping for and the approximate time spent at each retailer. Next,
respondents were asked two questions alroauwtncecacat r et ai |0
AfiHow would you describe the environment/ atmosphere of
were audio recorded. The recorded interviews were then transcribed. Table 1 shows the demographic characteristics

of the ten consumers. As Table 1 shows, the interviews captured the descriptions of 32 different shopping exchanges.

Analysis

After the interviews were transcribed, the primary researcher used the store environment elements identified in
the literature review as itiel codes to code the interviews. While coding the interviews, two additional store
environment elements were identified in the interviews: wweintained and organized. Appendix 2 includes the
frequency with which store environment elements were meedi@and representative quotes from the interviews.
Appendix 2 shows the most salient store environment elements include behavior of service personnel,
merchandise/product assortment, organization, cleanliness, price/value, and layout.

Discussion

It is notsurprising that behavior of service personnel, product assortment, cleanliness, price/value, and layout
were mentioned in a large percentage of the shopping exchanges. Previous research has indicated that negative
employee behaviors are the mostirritating 6 Ast ous 2000) and empl oyee behavior :
(Raajpoot, Sharma, and Chebat 2008; Yoo, Park, and Maclnnis 1998), loyalty intentions (Harris and Ezeh 2008) and
overall evaluations of store environments (Raajpoot, Sharma, anshiC?@08). Previous research has established
that product assortment is positively related to both hedonic and utilitarian shopping value (Shukla and Babin 2013),
emotions (Raajpoot, Sharma, and Chebat 2008; Yoo, Park, and Maclnnis 1998) and overdibe\afiistiore
environments (Raajpoot, Sharma, and Chebat 2008). The saliency of cleanliness to consumers is also supported by
previous research. I n a study on shopping irritants, I
2000). Clanliness is also positively correlated with loyalty intentions (Harris and Ezeh 2008). The saliency of
price/value is also supported by a previous study that found price/value was positively related to positive emotions
(Yoo, Park, and Maclnnis 1998). Layiis specifically mentioned in most conceptualizations of store environments
(Baker 1987; Bitner 1992; Turley and Milliman 2000; Raajpoot, Sharma, and Chebat 2008; Hooper, Coughlan, and
Mullen 2013).

20



The analysis of the consumer interviews did lead tounexpected results. First, organization is mentioned in
46.88 percent of the shopping exchanges. Organization is not specifically included in any of the store environment
conceptualizations in the literature. It is possible that organization correléiteth@vlayout of the store. For example,
consumers may find the classic grid layout of a grocery store as very organized. It is also possible that organization is
correlated with cleanlines€onsumers may perceive an organized store environment as beamgrcthan an
unorganized environment. Second, it is interesting to note store environment elements that were not particularly salient
to the interviewed consumers. Both music and scent have been extensively studied (Turley and Milliman 2000), yet
consumes rarely mentioned these elements in describing their shopping experiences.

Table 1: Demographic Characteristics of Interviewed Consumers

Race/ Household Highest
Respondent Age Gender Ethnicity Income Education Retailers Visited
A 50 M White $100,000+ Mast er 6 s Ross, Academy Sports, b,
Food Lion
B 35 M White $100,000+ Master 6s Wal mart, Target
Goods
C 62 F White $100,000+ Master 6 s Mac y 0 s-BeermandMeijer,
Ol liebs
D 42 F White $75,00% Bachel oFood Lion, Bar n
$100,000
E 40 M White $50,00% High School Lowebds, Kroger,
$75,000
F 62 M White $75,00% High School Wal mar t , Roseds
$100,000
G 45 M White $100,000+ Master 6s HomeDepot , Best [
Publix
H 34 F White $75,00% Ma st er 6 s Ashley Furniture, Total Wine &
$100,000 More, Target
| 54 F African $50,001 Mast er 0 s 2different PetSmarts
American $75,000
J 24 M African $25,001 Bachel or  Walmart, Dollar General and Fooc
American $50,000 Lion

Limitations

This paper has several limitations. First, due to the qualitative nature of the paper a small sample size was used.
While the respondents are diverse in terms of ggader, and education, the respondents are predominantly white
and many have higher than average household incomes. Second, a convenience sample was used, which limits the
generalizability of the findings. Third, all of the respondents currently resideiSoutheastern United States. It is
possible that consumers in different regions or different countries have different perceptions of store environments.
The retail experiences captured in the interviews include a wide variety of different typedexkrataliuding grocery
stores, specialty stores, and department stores. It is possible that different store environment elements may be more or
less salient in different types of stores. For example, some consumers may view cleanliness as more imgortant in
grocery store than in a discount store.

Directions for Future Research

These findings have implications for future research on store environments. Since organization has not
specifically been included in conceptualizations of store environments, & tede investigated more thoroughly.
What does organization mean to consumers? Are organization and layout related? If so, how? Are organization and
cleanliness related? If so, how? Since music and scent are not particularly salient to consumershawe betn
extensively researched, perhaps it is time to move store environment research into other areas. Layout is frequently
mentioned in store environment conceptualizations, but it is usually researched as part of a broader concept (e.qg.
Dennis et al @12; Hooper, Coughlan and Mullen 2013). Perhaps layout should be investigated more thoroughly as an
individual store environment element. Although employee behaviors have been examined as a whole, are there specific
behaviors that are particularly salignb consumer s? For exampl e-presdufesalihgpus (20
was the most irritating element in a store environment. Other types of employee behaviors such as attitude, availability,
helpfulness, and knowledge should be researched furthecdbtally, consumers often complain about inattentive
employees who are either using their cell phones, talking to other employees or talking to other customers.
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Cleanliness also needs further research. Many studies that examine cleanliness use measuresass
nvest.i
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of bargans. It that is the case, discount retailers may want to encourage the perception that the store is not perfectly

clean.

Appendix 1: Store Environment Elements

Ambient
Air quality
Noise (level, pitch), music,
P.A. usage
Scent

Design
Aesthetic

Architecture
Color
Scale

Materials
Accessories/Décor

Functional

Layout, width of aisles

Signage
Social

Other customers
Number
Appearance
Behavior

Service personnel
Number
Appearance

Behavior
Lighting
Equipment

Merchandise/Product Assortment

Price/Value
Location
Cleanliness

Baker (1987); Bitner (1992); Turley & Milliman (2000); Yoo et @998)
Baker (1987); Bitner (1992); Turley & Milliman (2000); Yoo et al. (1998); Hooper ¢

al. (2013)
Baker (1987); Bitner (1992);

Turley & Milliman (2000); Hooper et al. (2013)

Baker (1987)

Baker (1987); Hooper et al. (2013)
Baker (1987); Turley & Milliman (2000); Hooper et al. (2013)

Baker (1987)

Baker (1987); Bitner (1992); Turley & Milliman (2000); Hooper et(aD13)
Baker (1987); Bitner (1992); Turley & Milliman (2000); Yoo et al. (1998); Hooper ¢

al. (2013)
Baker (1987); Yoo et al. (1998)

Baker (1987); Bitner (1992); Turley & Milliman (200@®aajpoot et al. (2008);

Hooper et al. (2013)
Baker (1987); Bitner (1992)

Baker (1987); Turley & Milliman (2000); Raajpoot et al. (2008)

Baker (1987)
Baker (1987)
Baker (1987)

Baker (1987); Turley & Milliman (2000)

Baker (1987)

Baker (1987); Hooper et al. (2013)

Baker (1987); Yoo et al. (1998); Raajpoot et al. (2008)
Turley & Milliman (2000); Yoo et al(1998); Hooper et al. 2013
Bitner (1992); Turley & Milliman (2000); Hooper et al. (2013)

Turley & Milliman (2000); Yoo et al. (1998); Raajpoot et al. (2008)

Yoo et al. (1998)

Turley & Milliman (2000); Yoo et al. (1998); Raajpoot et al. (2008)

Baker (1987)Hooper et al. (2013)
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Appendix 2: Salient Store Environment Elements

Element Frequency Quotes

Noise 3 (9.38%) il dondt remember ®Eem havin

Scent 2 (6.25%) iYou can smeBI|I the woodo

Cleanliness 14 (43.75%) il wouldnét say that i ©WBis d
il donét want to say € was
iMacyds iso& | ot cleanero

Scale 1(3.13%)

Layout 11 (34.38%) iYou got roomdAo move around
ACl aust 8bphobico

Other customerlumber 2 (6.25%) ilt wasndt 6very crowdedo

Other customerd\ppearance 5 (15.63%) fiwal mart definitelydBas a | o
iBlue coll ad®Genvironmentoo

Other customerBehavior 2 (6.25%) iThe customers are nodrAnal t h
ffall tslhenetoinme yel |l ingdBRt a ki

Service personnéllumber 4 (12.5%) fil had to wal k alll over the
oud ©
AfiFewer people workingGcompar

Service personnélppearance 1(3.13%)

ServicepersonneBehavior 15 (46.88%) fiThe people (empldoA ees) are
ATheir customer 8Gervice is w

Equipment 1 (3.13%)

Merchandise/Product Assortmen 15 (46.88%) iNot much prod@ct in the sto
AEverythingd&rom A to Zo
AA | ot of variety O0H Al wa

Lighting 4 (12.5%) Ailt wadCbrighto

Well-maintained 1 (3.13%)

Price/Value 12 (37.5%) iYou know when you go t hder e
ATheir pricedGare competitiyv

Organization 15 (46.88%) AThings werendt in the rdiCght
AThere is jusdEstuff everywh
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Summary Brief

Measuring Similarity Between Customers in a
Shopping Mall

Nusser Raajpoot, Central Connecticut State University, USA.

This paper seeks to develop a reliable and valid measure of similarity between customers in a shopping mall. We
extract thesimilarity domain through an extensive survey of literature among various streams of research including
homophily, attraction, and immediacy. Additional we conduct small focus groups to fully understand the domain. A
survey questionnaire has been devetbaad we are currently collecting data for scale purification.

Introduction

There is some evidence to suggest that the custtmrmerstomer interactions, both verbal and/or «werbal,
impact satisfaction and dissatisfaction i.e. positive interactiongdesatisfaction while negative interactions lead to
dissatisfaction (Arnould and Price 1993; Harris et al. 1997; Grove et al. 1997; Wu 2007). In situations where customers
are in close physical proximity and are expected to share time and space, trastions can play a major role in
ultimate satisfaction or otherwise with the consumption experience (Martin & Pranter, 1989). So increasing positive
customer interactions and minimizing negative interactions would be extremely important in delivetamgecus
satisfaction.

Among many predictors of consumersdé propensity to
important one. It is well established that similarity breeds connections i.e. interaction with similar people occurs at a
higher rate than among dissimilar people (McPherson, Lovin and Cook 2001). People can be described as similar to
each other in two broad dimensions i.e. status and value (Lazarsfeld and Merton 1954). The status similarity is based
on informal or formal stas and the value similarity is based on values, attitudes, and belief. Since similarity is a
strong antecedent of possible interactions we can safely argue that similarity will result in greater satisfaction. There
is also additional evidence that peragsimilarity is linked to purchase intent (Simpson et al. 2000).

Previous research in similarity management, termed as compatibility management, focused on identifying
unacceptable public behavior (Martin, 1996); developing a scale to predict whetimethetion between customers
leads to satisfaction or dissatisfaction (Martin 1995) and defining roles that service providers can play to improve
interactions (Pranter and Martin 1991). Of these three compatibility management papers, the compaltépapsca
(Martin 1995) deserves some explanation. This paper although titled as "the customer compatibility scale", does not
measure the strength or level of compatibility among customers. Instead, it measures the amount of sensitivity that
consumers ardkely to display towards incompatible situations. In other words, this scale measures the level of
tolerance towards annoying behaviors of other customers (Nicholls 2010).

Several explanations have been offered to explain why similarity increases irdegbattraction (likeprefers
like). First, people with similar interests tend to put themselves into similar types of settings. For example, two people
interested in literature are likely to run into each other in the library and form a relationsblgifigthe propinquity
effect). Another explanation is that we notice similar people, expect them to like us, and initiate relationships. Also,
having relationships with similar people helps to validate the values held in common. Finally, people tekel to ma
negative assumptions about those who disagree with them on fundamental issues and hence feel repulsion.

In order to better manage custor@customer interactions, we first need to measure the extent of similarity that
exists among customers at a parar shopping place. This measurement requires a reliable and valid measuring
instrument. To the best of our knowledge, customer compatibility measurement scale has not been developed. The
focus of this paper is to develop such a scale. In doing so wéaje to validate various dimensions of similarity
between customers and relative importance assigned to each dimension.

Rest of the paper is organized as follows: first, we will discuss the relevant literature to explicate the domain of
similarity; provide the theoretical background, generate initial item pool; refine the scale, and discuss reliability and
validity issues. Lastly, we will run a conjoint analysis to determine the relative importance of the different dimensions
of the scale.
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Research onSimilarity (Homophily--Attraction --Immediacy)

Research on similarity in social sciences has been mainly done under the related concepts of homophily,
interpersonal attraction, and immediacy. All three of these constructs are highly related to eacld dth&nalarity.
Concepts of homophily and similarity have been treated as replaceable "homophily (similarity)" by McCroskey et al.
2006 p.1. Attraction/similarity theory (Berscheid & Walster 1969, Byrne 1971) suggests that people are attracted to
people viho are similar to them.

Attraction may be conceptualized as fdan individual 6s
positive or a negative wayo (Bercheid & Walster, 1978)
and boml with similar others. The idea is that more attracted we are to other customers in a mall, more influence those
customers have over us and our behaviors such as satisfaction with the mall. Also, more homophilous or similar
customers are to each other,ass is the probability of enjoyable interactions between them. Immediacy indicates
availability, attentiveness and social acceptability (Mehrabian 1971). Immediacy behaviors can be considered as
Afapproach behaviors whichrodoceaspt eepsepnsgnali mbbaéeness:

Research in attractiveness treats it as thdéaensional construct i.e. task attraction, social attraction, and
physical attraction. In the shopping mall context, task attraction is not relevastae mainly looking at similarity
perceptions based on observations only. It will be impossible to assess task attraction based on mere observation.
McCroskey et al 2006, describe the physical attraction to others as being good looking, pretty, sécs, aviule
social attraction is measured in terms of friendliness, easy to meet and talk, and being pleasant.

Homophily has been conceptualized as a-tlivoensional construct i.e. status and value homophily (Lazarsfeld
& Merton, 1954). Status homophilyfezs mainly to ascribed sociodemographic factors such as race, ethnicity, sex or
age and to the acquired characters like religion, education, and occupation. Of these, race and ethnicity and clearly the
most important discriminators of homophily. This sigoeffect of race and ethnicity has been found relevant to our
study as Mayhew et al. 1995 showed that race and ethnicity impact the issue of appearing in public together, as is the
case with the shopping mall. Other ascribed factors such as sex, gaddsgealso impact homophily but much less
strongly than race and ethnicity. The acquired background homophily factors such as education, occupation, and social
class are shaped primarily by ascribed factors of race and ethnicity. There is usually a@t@aton between
ascribed and acquired background factors. Having said that, it is to be recognized that acquired factors are important
indicators of perceived homophily on their own.

Immediacy has been almost exclusively studied in teastinelent cotext. It includes both verbal and negrbal
immediacy. Our focus is on nererbal kind. Many behaviors have been documented as facilitatingaroal
immediacy. These include physical proximity, body orientation, touch, eye contact, smiles, gestiredy podture.

Of these three behaviors i.e. eye contact, smiles and gestures are relevant to our study. Making eye contact, smiling,
nodding head when passing others are excellent indicators of immediacy.

A recent paper on the development of a scale feasuring the perception of others customers in commercial
settings (Brocato et al. 2012) found three relevant dimensions of similarity, physical appearance suitable behavior.
Their similarity and physical appearance dimensions are more like the statuphilgnamd suitable behavior
dimension is more like value homophily. This scale, however, is much more parsimonious than McCroskey et al. 2006
scale of homophily and is directly applicable to marketing situations.

Initial Item Pool

Previous measurement raseh on attraction, homophily, and immediacy provided the initial pool of items.
Additionally, we conducted two small sized focus groups (6 persons per group) to fully explicate the domain. We
accumulated 43 items for the initial pool. When we tried t@asgoup membership by examining the similar items,
we ended up with three groups or dimensions i.e. ascribed similarity, acquired similarity and immediacy. Ascribed
items included characteristics of race, ethnicity, gender, and age. These charadtérésiies] and are perhaps the
most salient in determining similarity. The acquired items related mainly to socioeconomic factors and (in)appropriate
social behaviors. Items relating to education, occupation, language, dress, appearance, and belalyotbeFin
immediacy dimension consisted of proximity, facial expression, eye contact and smiling.

Data Collection
Data is currently being collected.
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Summary Brief

The Roles of Brand Personalities and Product Quality
with Elective Pricing

James Blair, Eastern Kentucky University, USA
Daniel Sheinin, Univesity of Rhode Island, USA

Across two experimental studies, we examine the roles diraalfl congruity, sel€onstrual, product quality,
and price autonomy with consumer purchase intentions in an elective pricing context. We-timdngktfongruity,
self-construal, product quality, and price autonomy are associated with consumer purchase likelihood and perceived
satisfaction. Lastly, we find a twwgay interaction with price autonomy and product quality on consumer purchase
intentions. When perceivedqatuct quality was low, consumers had significantly higher purchase intentions under
an elective pricing condition rather than a fixed pricing condition. There was no significant difference between elective
pricing and fixed pricing conditions when percalyeroduct quality was high.

Introduction

Paywhatyou-want pricing, also known as elective pricing, is a relatively new pricing mechanism which has
gained considerable attention from the marketing literature in recent years. Practitionemnplawgented this
strategy with varying levels of success (Tyrangiel 2007). Using this pricing mechanism carries significant risk, as the
consumer has full control of setting the price of the product, including choosing to pay nothing. Marketing managers
can be skeptical of this pricing strategy. Prior research examined contexts when consumers paid more in elective
pricing settings (Kim, Natter, & Spann 2009; Gneezy et al. 2010). These findings give marketing managers more
confidence in utilizing this pricopmechanism. In addition to payment amounts, marketing managers are interested in
increasing consumer purchase intentions. The literature has yet to explore how branding strategies and product
attributes could be used effectively in elective pricing situatto increase purchase intentions. We fill this gap by
examining how selbrand congruency, product quality, setfnstrual, and autonomy of the pricing mechanism are
associated with consumer purchase intentions.

Background

Sign theory proposes brandancbe considered signs whose meaning may be constructed and interpreted by
consumers (Saussure 1974). The-bedind relationship is a key determinant in the value of the brand and it is meaning
to consumers (Baudrillard 1988). This value can result iferdifit purchase intentions or payment amounts by
consumers when their personalities align or misalign with the brand personality. When these personalities are
congruent they could result in positive consequences for the brand or detrimental when thegngraent.

Selffconstrual consists of an indivi dua l-sgclemav(Makus &o f t hen
Kitayama 1991). There are two types of smificepts. Independent consumers are distinctive from the group,
autonomous, and unique wighmain objective to stand out from group members. Interdependent consumers are part
of a group, interconnected, and relationship focused with a main objective to maintain harmony within the group
(Markus & Kitayama 1991; 1994). Interdependent consumerdinghyalue in this pricing mechanism, since it helps
the greater good of communities where more consumers can now access products at lower price points.

Product quality consists of a consumer d&ds |jRraliguement at
research suggests the perceived quality of a product has positive consequences such as higher levels of loyalty,
profitability, sales, and satisfaction (Mitra & Golder 2006). Perceived quality was also found to be associated with
consumer purchasintentions (Rajendran & Hariharan 1996). Previous research has yet to examine if these findings
hold in an elective pricing context.

Pricing mechanisms can vary on their level of autonomy from the firm having complete control (fixed pricing) to
no contrd (elective pricing). With some segments of the market preferring control and choice, an elective pricing
mechanism provides a desired offering to consumers (Ammermann & Veit 2013) over a fixed price where consumers
have no control. Consumers may have bighurchase intentions under an elective pricing condition since they have
more control. Aucouturier, Fujita, and Sumikura (2015) foundreation and product quality were associated with
consumer purchase intentions, suggesting a possible interactiegebethese two variables.
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Key Findings

A significant main effect for selbrand congruity (F (1, 408) = 15.31, p < .01) was found. Specifically, consumers
with more congruent personalities to the brand had significantly higher levels of purchase intitese findings
extend our understanding of selfand congruity to an elective pricing context. Marketing managers using an elective
pricing mechanism would therefore want to target consumers who match their brand personality.

We found a significant niia effect for selfconstrual (F (1, 408) = 9.65, p < 0.01) where interdependent consumers
had significantly higher purchase intentions than independent consumers. In an elective pricing context, we find
interdependent consumers have higher purchasedionteratnd provide marketers another type of consumer to target.
Marketers could also prime consumers to experience this state and lead to increased purchases.

We extend findings from the literature by showing a significant main effect for perceived pgodlitt (F (1,
408) = 92.06, p < .01) in the context of elective pricing. Higher levels of perceived product quality resulted in
significantly higher purchase intentions. When offering higher quality products, marketing managers could find
success in incesing consumer purchase intentions using an elective pricing mechanism.

Lastly, we found a significant main effect for price autonomy (F (1, 309) = 66.82, p < .01). Elective pricing
resulted in significantly higher purchase intentions than fixed pricirgindJa spotlight analysis, we found a
significant tweway interaction between price autonomy and product quality on consumer purchase intentions (t =
3.01, p <.01). When perceived product quality was low, consumers had significantly higher purchasesniedér
elective pricing conditions than fixed pricing conditions. No significant difference between the two pricing conditions
was observed when product quality was perceived to be high.
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Summary Brief

Does Premium Price Impede Green Purchasing?
Implications for Managers

Tyson Ang, Texas A&MJniversity-Central Texas, USA
Shugin Wei, Texas A&M UniversitZentral Texas, USA

Green products typically command a premium price. However, scant research exists on what managers can do
to increase consumer sd® mot i vradudtsoThisresearch segkstaidemtifyeansumen pr i ¢
factors that will facil i {precedgreenprodactsmer sé purchase of pr

Introduction

I n todayds competitive business environment, Ifirms r
sustainability agenda into their corporate strategies (Pujari, Wright, and Peattie 2003). More and more firms have
spent significant financial resources to develop and produce green products (Gleim et al. 2013). However, despite
costly sustainable initteves implemented by firms, the vast majority of consumers simply do not buy green products
(Gleim et al. 2013). This is evident in the fact that many consumers are not willing to pay premiums for green products.
For example, recent data compiled by Vetrdic Ret ai | showed t hat price is the n
reluctance to purchase efteendly apparels (McGregor 2016). Likewise, a survey by RetailMeNot revealed that more
than 60% of respondents indicated they would only purchase green (wgra®m) products if the price is the same
or less (PRNewswire 2015).

The fact that firmsd e rditeetadvnanketing sti@tegiesm mighi nattbe financiadlt ai nab
justified due to a | ack of ¢ ons uGwenrtksabwillingnessto pay mdre gr een
(WTPM) is a key barrier that impedes green purchase, it is imperative to identify marketing actions that can alleviate
this barrier. Yet, scant research exists on effective corporate strategies in regards to improveigicme r s 8 WTPM f
green products. Thus, this research investigates what managers can do to motivate consumers to pay a premium price
for green products.

Literature Review

A fundamental factor influencing c oforgheengimorsméntimeen pur
and Choi 2005) . Environmental concern refers to a cons
(Minton and Rose 1997). Consumers have diverse attitud

andthe situation is dire, as well as whether individuals have obligations toward environmental preservation or the
environmental issues will resolve themselves (Banerjee and McKeage 1994). Another crucial factor influencing
consumer s6 gr e e isthgremvicohnesta kndowediga kevielowhich is defined as the extent to which
consumers understand environmental issues and environmentally friendly products (Cheah and Phau 2011). The
credence nature of green products particularly calls for consumbesdware of current environmental issues, yet,

the level of comprehension of sustainabilifated issues varies vastly from consumer to consumer (Vermeir and
Verbeke 2006) . Given the variations t hatmentakknosledge, n cons
it is important to investigate what managerial actions can be taken to motivate consumers with varying environmental
concern and environmental knowledge to pay a premium price for green products. In this research, we explore if
involving consumer more (as opposed to less) during the product design stage will have beneficial effects on
consumersédé6 WTPM for green product s.

Methodology
Ascenarictbased experiment was wutilized. Consumersdé envir
werenreasured. The | evel of consumersd involvement during

consumer panel was used. Measures employed in the study were all adopted froalidetéid scales in the
marketing literature. The PreachidayesPROCESS macro was utilized to analyze the data.
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Presentation

Consumer Perceptions of Solar Energy Programs
Offered by Utility Providers

Melissa Clark, ©@astal Carolina University, USA
Jessica Doll, Coastal Carolina University, USA

Renewable energy is at the forefront of many discussions about the future of our planet. Solar energy is an
accessible option for many communities and individuals wishingsetetheir reliance on fossil fuels. This study will
consider consumer perceptions of solar energy when it is offered as a program from their current utility provider.
Based on the theory of planned behavior, it is proposed that several variables suefr@sneental attitude, green
history, subjective norms and perceived behavioral control will positively lead to behavioral intentions while being
moderated by relationship quality with the utility provider. The results could have important implications for
practitioners in the energy sector.

Introduction

Global energy is a dynamic industry influenced by consumer demand, availability and accessibility of natural
resources and political decisions such as regulations, taxes and tariffs among other fabtmrghAhost energy
needs are met with oil, natural gas and coal, renewable energy sources are becoming a bigger factor in the overall
energy |l andscape. According to the 2017 Gl obal Energy
rate of ay fuel, meeting a quarter of world energy demand growth, as renewadsed electricity generation rose
6. 3 %, driven by expansion of wind, solar and hydropowe
offer renewable energy programs forittmustomers and other providers are considering this option. These types of
programs meet a need with a current customer base and could be a successful marketing decision if implemented
correctly. This research will explore the issues that consumersaitivpurchasing solar energy from their current
utility provider and offer suggestions for practitioners considering this type of offering.

Background

This applied research project was requested by a local utility provider to gather consumer perdeptians o
energy programs and create their forecast for the next decade. This project is happening in real time and is also
grounded in established theory. The theory of planned behavior connects beliefs and behavior. It suggests that behavior
and behavioraintentions are influenced by attitude toward behavior, subjective norms and perceived behavioral
control (Ajzen 1985). In this case, consumers behavioral intentions to participate in a solar energy program offered
by their utility provider could be affeetl by their attitude toward environmental issues, awareness of others in their
community using solar energy and perception of their own ability to make decisions for themselves. It is possible that
the relationship quality they have with the utility prasticcould influence this proposed impact since they are current
customers with a history of purchasing energy from this company. Relationship quality is comprised of relationship
satisfaction, trust and commitment and is thought to be one of the moshiialusonstructs on performance
(Palmatier et al. 2006). It is included because the utility provider wants to assess the trust their customers have in them
to steward resources responsibly. Measuring trust within the larger construct of relationshypshoald be able to
shed light on the broader scope of their marketing efforts.

Planned Analysis

To better understand these issues, an online survey has been created consisting of questions to measure the
constructs as well as opended opinion questiorad demographics. The survey was created and consists of thirty
three questions measuring environmental attitude, green history, subjective norms, perceived behavioral control,
relationship quality, satisfaction and behavioral intentions as well as dgrhagrariables. It has gone through
several rounds of revisions with researchers and utility company representatives and will be ready to be piloted in fall
2018 with a smal/l subset of the wutil it ysugsframvthepimtt 6s cus
the survey will be distributed to the full customer list. A gift card raffle incentive is planned to encourage participation
in the survey. After the survey data is collected, it will be analyzed using SPSS and SEM with AMOS. Tlen, foc
groups with a small number of representative customers will be conducted to further explore any issues found in the
survey data in greater detail. The utility provider employees are very interested in the focus group process as they
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would like detailedqualitative data to accompany the primary (i.e. survey) and secondary (i.gdHiycurchased

data) quantitative data they will have at this point. The focus groups will be conducted in a behavioral lab newly
opened at the university. Student ambassadmm the Community and Business Engagement Institute will
participate in conducting the focus groups. The data will be analyzed using content analysis. After analyzing the data
from both sources, recommendations will be offered, and a marketing anduodsation plan proposed for
implementing the findings.

Expected Implications

The market for this utility provider is a coastal area with a large percentage of $enadgroperty ownership.
The utility provider expects that these property owners will be less likely to participate in a solar energy program since
it is not their pnmary residence. To account for this, the survey will capture the data about the percentage of time
spent at the local residence. Therefore, it is expected that two primary markets will emetgee frélsidents and
parttime residents, with differing nde and intentions about solar energy consumption. If most of the survey
participants are in favor of solar energy, then the utility company will potentially move forward with a plan to promote
this type of energy and place a heavier emphasis on it infretasted plan. The relationship quality data should
help the organization to better understand how their customers view them and provide a baseline for improvement of
their relationship marketing efforts.

On a larger scale, renewable energy is an ifsatemust be considered for the future of our planet. The United
Nations lists affordable and clean energy as one of its seventeen priorities in the Sustainable Development Goals.
ASustainabl e e nidtrtrgngformsdives) gcpnomies amlithd v net 6 (un. or g) . Thi s
generalizable to a broader population of utility customers in similar markets around the country and the world. The
implications could provide guidance for marketers in these areas interested in promoting solapregeagys but
hesitant without data supporting it. Influencing solar energy awareness and opportunities in smaller communities could
potentially impact climate issues on a larger global scale and hawselongositive effects for our planet.
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Summary Brief

Impact of Demographic, Psychographic, and
Candidate Favorability on Voter Choice in the 2016
Presidential Election

Shawn Thelen, Hofstra University, USA
Boonghee Yoo, Hofstra University, USA
Jessica Feinstein, Hofstra University, USA

This research assesses which variables, votersd democ¢
opinion of the candidates, had the greatest impact on whiodidate voters supported in the 2016 Presidential
Election. Employing logistic regression, initially with demographic variables, then adding psychographic issues, and
finally including voter opinion of cratorgpodeadfwhy Goteishar act
selected a candidate. Results indicate that voter opin
choicei more than demographic or psychographic variables collectively.c andi dat eds @&@bawhi ty t o
competence and improve their character rating while diminishing the ability and character of their competitors is a
viable strategy for winning elections.

Introduction

A candidate without any government experience, Donald Trump, not only shoekétegublican Party by
defeating senators and governors to become its nominee, he also shocked the world by defeating Hillary Clinton, a
former Senator and Secretary of State who had White House experience, to become President of the United States.
Voters ae more likely to support candidates who share the same positions they do, come from prestigious colleges,
and/or have military experience but disfavor those with Washington experience, financial troubles, and/or those who
had extramarital affairs (Fingart) 2016). The intent of this research is to explore the following research questions:

1. Which category of variables (demographic, issues, candidate opinion) is most significant in explaining
consumer preference for political candidates?

2. Which individual variables provide the greatest explanatory power in understanding voter choice for a
candidate?

Literature Review

This research assesses the impact that demographics, campaign issues, and candidate character can have on
presidential voteDemographic segments, i.e., gender, education, race/ethnicity, age, occupation, etc. have long been
examined as part of elections. In addition to demographics, this research assesses the impattadé,free
immigration, personal financial security, afegtlings about the past/future on voter chdidet issues in the 2016
presidential electiorfzinally, we examine the impact of candidate character on voter choice.

The constructs assessing campaign issues includeTFade Resentment (Thelen, Yoo, axiégnini 2011),
Prejudice toward Immigrants (Stephan, Ybarra, and Bachman 1999), FinancidléiveliScale (Consumer Financial
Protection Bureau December 2015), and Nostalgia scale (Holbrook and Schindler 1994). In addition, voters were
asked theiropinion f t he candi datesd character measured by the po

Data Collection and Analysis

One week prior to the 2016 Presidential Election, afiuvk survey was launched asking respondents to provide
information abat their views on each of the two major candidates character, opinions about various campaign issues,
and demographic information. Initially, 504 surveys were collected;upon review, it was determined that 306 responses
were usable. 194 respondents indidatieat they would vote for Clinton while 112 would vote for Trump. The
psychographic variables, due to this being the first time utilized together, were subjected to MLE with varimax rotation
resulting in seven factors and explaining 71.6% of the totaawmee. Resulting Cronbach Alphas met acceptable
standards ranging from .817 to .975.
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Logistic regression was employed to determine which factors are significant in determining how voters choose to
support a candidate. Three models were run: the firstragtscted to demographic variables, the second added
campaign issues, finally, the third included responden
selected as the dependent variable with the alternative being voting for Clintorprepekitives variables would
indicate support for Trump and negative variables would indicate support for Clinton.

Results and Discussion
Results from the first model, pseudo R2 .098 and 66% correctly classified, indicate that the older the voter, the

greater the support for Trump (b = 0.26, Sig.=.017), w
categoryoffemals i ngl-2. 0 80 = Sig. =.000) o r-0.727%, Sige=.060h Addingltampaignoc at i o
issues to the next modedsulted in Trump gaining support among those who feel immigrants are harmful to society

(b = .741, Sig.=.000) , are nostalgic for the past (b =

0.031, Sig.=.022). Clinton maintained significaupport among female i ng | e +20206e $igs=.0@0). Fhe

second model exhibited a pseudo R2 of .294 with 77% correctly classified. Adding candidate character to the model
increased the pseudo R2 to .704 and correct classification to 98%. The onlysig c ant vari abl es ar e
of the respective candidatesd character. The third mo
significant positive view of his characteac({b3884 8. 62,
Sig.=.003). All other variables were no longer significant.

Painting oneself in the best light possible while discrediting an opponent has always faéital strategy.
Trump identified concerns of many Americans, i.e., immigratglobalization, security, nostalgia. However, based
on the results of this research, it appears that the greatest support came from bragging about himself and demonizing
Clinton and making her out to be a criminal. In recent history, the United Statesjbgsd elections in which both
candi dates had net positive favorability ratings. The
have come to an end.
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Summary Brief

Developing a Scale to Measure Patient Health Care
Access

Elvira Kizilova, West Virginia University, USA
Emily Tanner, WesYirginia University, USA
Richard Vann, Penn State Behrend, USA

In the services marketing literature, the concept of the access to health care and its relation to consumer well
being and satisfaction has received very little attention. Moreover, desfzite sesearch, the universal measure of
access has not been developed and validated. The goal of the present research is to propose an updated definition of
the access construct, to identify its dimensions, and to develop a measurement scale.

Access to halth care is not an emerging concept. It has been the central theme and important concern for
policymakers and for marketers at least three decades (Berk and Schur 1998; Levesque, Harris, and Russell 2013). In
a marketing context, access to health cardees has not been studied much from the consumer perspective although
it is positively or negatively associated wiltehg numer o
(Mittelstaedt, et al. 2009), vulnerability, cooperation, satisfaction (Wah 2010).

A review of the literature reveals that access is measured in different ways: using predictors of health outcomes
obtained from publicly available data (Macinko et al. 2003), measuring access as a dimension in multidimensional
health care quay scales (e.g., Berk and Schur 1998), or using scales developed for specific groups of patients
(Cl ement et al . 2012) . To our knowl edge, there is curr
to health care services. Therefore, thalgf this study is to develop a scale to measure perceived access to health
care services and to examine the scalebs psychometric |

Conceptual Development

Access has been conceptualized in several ways regarding its aspects and charadftérespicsviders vs. care
processes and services (Frenk 1992). Many (e.g. Levesque et al. 2013) identify different dimensions of access, (e.qg.
geographical) making access measurement more complex. Access may mean not only the availability of services when
patients need them (Freeborn and Greenlick 1973), but
available, and their choice is not constrained. Thus, in the present research, access to health care is defined as a health
s e e k e mpdrative evaluation between currently perceived and internally desired health services.

Both perceived and desired services may depend on many factors: policy decisions, information availability,
attitudes, and other (Mittelstaedt et al. 2009). Also, peedeand actual access may differ. For example, geographic
accessibility refers to both the physical distance that must be traveled to get care (Levesque et al. 2013) and the
patientds perception of this di stdaaotheesulgeaide ewlaaionntbas s o f
impact their perceptions of access: gender of the medical care provider (Levesque et al. 2013) or acceptability of

certain medical treatments over other (e.g., not accepting a procedure due to religious beliefs).
Combiring these research findings, we suggest that access to health care is a multidimensional construct

consisting of three di mensions: availability, affordabi
timing, travel distance requirednd specialization of health care services (e.g. Bice et al. 1972). Affordability is the
patientds evaluation of the economic burden of wutilizin
is the patient 6s eroddergaality andmatohfwithhpersohatized heajthscare nadds.
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Summary Brief

Irrational Purchase Behavior on Option Levels of
Products

Taehyun Suh, Yonsei University, South Korea
Jiho Yoon, Kansas State University, USA

Marketers often introduce products with new and additional secondary features in an effort to differentiate them
from other products in the market. Sometimes those features are well accepted and used by consumers; other times,
they are purchased but not fully utilized. This paper addresses and deals with an interesting question, why some
consumers tend to buy theogiuct with additional secondary features that they may not use, i.e., irrational purchase
behavior. We employ the lens of the prospect theory with the consideration of temporal distance to describe the
consumers' irrational purchase behavior. We first fibutthat consumers may purchase higher level secondary
attributes than the level under rational decision, since i) the consumer perceive that theléwghaption will
provide a higher benefit or ii) try to reduce the disadvantage from not having thedsega@ttributes realized in the
future. However, sometimes consumers purchase lower level options because the fear of overspending makes them
underestimate the value of the option. We also show that consumers become more rational as the time point of the
utilization of the features is in the more distant future.

Introduction

On the most basic level of product purchase, consumers look towards the core and primary attributes of a product
to provide a solution for a main problem the consumer is facing (K2lle8; Kotler & Armstrong, 2004). Once
satisfied, the consumer will look towards secondary attributes, which are consisted of expected (features the consumer
expects), augmented (features consumers do not expect), and potential (new ideas, featurtes) atiebe attributes
are not essential to solving the consumer's main problem but can be a positive influence on the satisfaction level of
the consumer by fulfilling the consumer's expectation (Brechan, 2006). Though the secondary attributes are not
necssarily core or essential, they are still factored i
consider consumerds valuation of the secondary attribut

in analyzing consumr 6 s purchasing behavior.

Trivial attributes can affect choice by being exclusive to a certain company regardless of the actual value of the
attributes (Carpenter et al., 1994). Previously, literature has addressed issues such as useful and trieflradtrébu
attributes, core versus noncore attributes, however the existing literature does not address product attributes that are
available but may not utilized by the consumer who purchases the attributes. For example, when consumers purchase
the iPadsome of them may choose the larger storage option even though they are likely to not use all of the storage
space. Consumers end up spending more money on product attributes that they do not ultimately utilize.

The purpose of this paper is twofold: (a)demonstrate that the tendency exists for some consumers to buy
secondary features that they may or may not use, and (b) to determine whether their utility functions will change based
upon time. To discuss the aspect of time in our study, we argue thattahsumers are faced with an intertemporal
choice, the consumers will choose an option that is likely to sacrifice future utility by overspending on the current
available highetevel options.

Methodology
We assume that price and level of optionspsitively related, i.e., the higher level of option comes with the
higher price. For mathematical simplicity, we further assume that option level is continuous (rather than discrete) with

a range from zero to a certain positive value. Based upon thimpssui on, we mat hemati cally de
utility and benefit functions. I n addition, we i mpl emen
heterogeneity in the functions f or enefiaur analyticalgappmach e r e al
shows a variety of interesting, meaningful, and acceptable results.
Findings

With the consideration of the temporal distance aspect, we can conclude that the traditional expected utility theory
in this context is notnecegssa | y wr ong but is a speci al case of our ne
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traditional expected utility and our utility function will converge as the amount of time that passes becomes larger.
Thus, we claim that our utility function, with éhconsideration of intertemporal choice model, better describes
consumer behavior when they are purchasing secondary attributes (selecting option level).

Under our model, we find that the consumeraditionalexpect e
expected utility theory. When we assume that the tradi!
behavior, our results show that consumers may be purchasing more secondary attributes compared to that under
rational decisionlt is to maximize the advantage of higevel options when the option will be utilized or become
a standard in near future. It is interpreted that consumers may purchase higher level secondary attributes than the level
under rational decision, since lijet consumer perceives that the higlesrel option will provide a higher benefit or ii)
try to reduce the disadvantage of not having the secondary attributes realized in the future.

One particular instance however, shows that the results under our modeatunder traditional expected utility
theory are equal when time approaches a large number, which means that a consumer may tend to be rational if he or
she thinks the option will be utilized or becomes standard in distant future. This result shbthe tiraditional
expected wutility theory is not necessarily incorrect b
purchasing behavior.

References
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Full Paper

Predi ctors of Cus todMoveernd s S u
Sport Packages

Yingge Qu, Mississippi State UniversityMeridian, USA
William Hill, Mississippi State University Meridian, USA

Subscriptiorbased television services providers, which operate in &lhigompetitive industry with high
saturation, are finding it exceedingly difficult to grow their customer base. This has resulted in firms attempting to
extract more from their existing subscribefskey to achieving this goal resides in service proswdsrderstanding
customer subscription behavior such that they can design better marketing actions to incite customer purchase
attention. One of the main areas of profitability in subscriptiased television services is movie and sports premium
programingpackagesThe ability to identify customers with a higher possibility of subscribing to these premium
plans, is undoubtedly critical to increasing future salesthat vein, in this study we seek to identify predictors to
premium packages selection belwaby jointly modeling customer subscriptions of premium movie, premium sport
and basic sport packageale show that, the customer subscriptions of different TV packages can be highly correlated.
Moreover, our model profiles likely subscribers to premmwovie, premium sport and basic sport packages using
both subscriber demographic and lifestyle information.

Introduction

The subscriptiofbased television service operates in a highly competitive business envirolmmeognt years,
with the emergence aftreaming TV service from the Internet, the competition has become even more Ebgere.
television service market has transformed from Cable TV owning nearly the entire viewing market to multiple
platform providers (satellite, Internet, etc.) of nmugltieannel subscriptions options available to each household (The
Internet & Television Association, 201 Facing such roaring competition, the television service providers are finding
it exceedingly difficult to grow their customer babestead, they are eagfor effective strategies to help them increase
welfare from their existing customerBo achieve this substantive goal, service providers must understand customer
subscription behavior so that they can design better marketing strategies to incitecusfomm s u bAskeyraregpt i on s .
of profitability in subscriptiorbased television services comes from the premium movie or premium sports packages.
More than 40 percent of TV subscribers spending is attributed to sport programs, and revenues are exyesxted to
$20 billion by 2020 (James, 201@&ccording to Statista (2018), the subscription revenue of HBO, the oldest movie
and TV series program, increased from 4.23 billion in 2013 to 5.5 billion U.S. dollars in 2017.

The goal of this paper is to identithe customers with a higher likelihood of subscribing to a specific TV package,
especially premium offeringéJsing the dataset from a major television service provider in U.S. market, we aim to
address the following questiorsow do subscriber demogtaips and lifestyle information shape TV subscriptions?

Are customer subscription behaviors, e.g. the subscription of different TV packages, corridiated® movie

package subscribers differ from sport subscribers, and how do premium package subsffebdrend basic
subscribersWe recruit a multivariate probit model to capture the customer subscriptions to the three TV packages of
premium movie, premium sport and basic sp@re found that the correlation of customer subscriptions between
different TV packages are statistically significae also determined that our model can simultaneously estimate the
probabilities of subscriptions to premium movie, premium sport, and basic sport packages using the demographic and
lifestyle information that can babtained easily from external market research companies.

Literature Review

Our study falls in the research stream of pay TV subscription market which typically focuses on three areas: the
comparison between bundle vs. & la carte service, the competition t he mar ket , and the expl
subscriptions behaviortn U.S. market, majority of the TV services are provided in bundle. Past research suggests
the bundling services benefit the firm, because firms can strategically design the buedlece the heterogeneity
in customer preference (Crawford, 2008), induce the price discrimination (McAfee et al., 1989; Bakos and
Brynjolfsson, 1999) and extract the consumer surplus (Crawford and Cullen, 2007). The debate has long existed on
the issue bwhether or not customers are better by purchasing preferred channels singly (e.g. & la carte service) or in
a bundleFor example, the Federal Communication Commission (FCC) arrived at opposing results on whether or not
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8§ |l a carte wo us$pendirhon Weservicel (FCCo 20@4r FCE, 20@3).empirically analyzing the
bundling effects in the TV subscription market, Crawford et al. addressed that the cost change of providing TV service
under & la carte is the key to determining whether or nddmmgss can be beneficial (Crawford and Cullen, 2007;
Crawford and Yurukoglu, 2012).

When looking at the competition in the TV subscription market, studies mainly focus on the two major players:
cable service and direct broadcast satellite (DB8)dingst y pi cal ly center on what fact
choice between the two service providers and consequences of the comigmand Duwadi (2005) addressed
that both customer6s choice bet ween tstoneer demograppic, ricei der s
changes in the basic cable service, and switching c@¥ith more competition in the market, customers can gain
welfare from both services because the penetration of DBS both elevates the quality (Goolsbee and Petrin, 2004) and
reduces the price of the cable service (Savage and Wirth, 2005).

Researchers explore customer 6s TOnhesthboveral demandiothe b e h a
market.For example, Campmajo (2007) addressed that the level of competitfenrmatket and the service contract
features (such as whether high quality or premium program is included in the contract) determines the penetration of
pay TV platformKarikari et. al (2003) empirically identified that, in U.S. market, the penetratibB8fservice can
be influenced by the regulation of basic cable services, competition of local exchange telephone carriers and the
upgrades of cable providetdri (2005 & 2006) found that, not only price, but also the overall market size, service
featuresquality factor influences the demand of both DBS and TV cable serdibesother research stream is the
customedlevel subscription behaviorbaRose and Atkin (1988) showed that, customer satisfaction, demographics
and service cost affecttlteu st omer 6s i ntenti ons tBurezdandsVarodemRoel {200d)g a c a
devel oped an analytical CRM model to help elWththet e t he
emergence of online streaming, more recent studiessfooumodeling how consumers choose between paid
subscription and online streaming (Prince and Greenstein, 2017)

Our research focuses on exploring the customer subscription behavior in the pay TV market but takes an
unconventional approach compared to éxgststudies.Specifically, we take a closer view of custorwrel
subscriptions and evaluate the predictors of customer interest in subscribing to specific TV packages (sport, premium,
and basic package3)o the best of our knowledge, our research iditbeto quantify the potential drivers of customer
subscriptions between multiple TV packag#&gng et. al (2005) presented a survey study with a similar approach in
online paid subscription. n t hei r study, t hey f ounpdyfdar dniné contemtelependsn s u me r
on the i mportance of the content, qu ®uristudyisdifferenttfrom onl i ne
Wangds study in both the study c¢onWe use theaaqustomdrlactua e mpi r i
subscription data to understand their choices of specific TV packages.

Data Description

The research sample (n=100,000) used includes customer information from a leading subscription TV company.
Specifically, the dataset consists of customer subsmnipflV package data, and corresponding demographic and
lifestyle information for each of the 100,000 subscribing custonf@itowing an assessment of the data file, three
customer subscription TV packages were identffi@femium movie, Premium sport, andadic sport. These
subscription TV packages categories are coded and defined as follows.

1 premium movie subscribers (premium movie package = 1); purchasers of the premium movie package
1 premium sport subscribers (premium sport packageptttfhasers of theremiumsportpackage
9 basic sport subscribers (basic sport package putghasers of the basic sport package

These three dichotomous variables will be used as dependent variables to demonstrate the customer TV
subscription behaviors.

The analysis exaines subscriber demographic and lifestyle information as predictor variables. The demographic
variables assessed were subscriber gender, marital status, age, income, child presence, and householtitege range.
l'ifestyle Ai nter es tmusicvgardeniaghhurtisg, finass, imtemet, chnd va@me &ideoAetc.
detailed explanation of both the demographic and lifestyle variables is shown in Tidbte fhat the age, age range,
and income variables are continuous, while the remaining predatiables are binary.

44



Table 1: Description of the Customer's Demographic and Lifestyle Variables

Demographic

Variables Characteristics Explanation

Age Continuous The TV subscriber's age

Age Range Continuous The age rangéldestyoungest) of the subscriber's household
Income Continuous The subscriber's income

Gender Binary, Male=1 The subscriber's gender

Marital Binary, Marriage=1 The subscriber's marital status

Children Presence
Lifestyle Variables
Music

Internet

Video Game
Gardening
Hunting

Travel
autointerest

Binary, With Children=1

Characteristics
Binary (interest=1)

Binary (Use =1)
Binary (Use =1)
Binary (Interest=1)
Binary (Interest=1)
Binary (interest=1)
Binary (interest=1)

Whether thesubscriber has children at home

Explanation

Whether interest in stereos/records/tapes/CDs

whether uses internet at home

Whetheruses/owning computer video games at home

Whether interest in gardening or pants

Whether interest in hunting/shooting/fishing

Whether Interest in Travel

Whether interest in automotive related activities and magazines

Health Binary (interest=1) Whether interest in fithess/exercise
Upscale Binary (Has=1) Whether has credit cards issued by upscale retail store
Model Setup

A multivariate probit model is utilized for both testing the correlation between the customer subscriptions of the
three TV packages (e.g. the three dependent variables) and estimating the empirical significance of the predictor
variables (e.g. the subscritdemographic and lifestyle informatioMhe multivariate probit model is welinown for
quantifying the correlated dichotomous dependent variables (Ashford and Sowden, 1970; Amemiya, 1974; Song and
Lee, 2005)In our case, the customer subscriptionshaf three TV packages are likely to be correlated, thus, we
require one framework to jointly model the three dependent variables: premium movie, premium sport and basic sport

packages.

¥; =By 5, V=107 = 0)

V:=BiXy +e =107 > 0) sz,
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Where¥1:¥2.and ¥; represent the tee customer subscriptions TV packages (e.g. three dependent variables),
£1,82 816 &3 gre the random terms that capture the unobserved effiéetallow the random terms to be correlated

with each other to quantify the correlation of customer subscriptieteen the three TV packag@he” is the
tetrachoric Correlation for measuring the correlation between each pairs of the binary dependent variables.

Consequently, th&:z indicates the correlation betwedh
ﬂ-ﬂd F!. Xl’ Xz,

and?: indicates the correlation betwebn
both he subscriber demographic and lifestyle variabWige. rely on the maximum likelihood method for model

estimation.

Results and Discussion
SAS 9.4 software was used to perform all the statistical analysis including the multivariate probivvieogkstd
degriptive statistics of the major variables in the model to illustrate the model findings.

Dependent Variables

and Y. piz indicates the correlation betwe&h

X3 are the predictor variables in the model, which include

and ¥,

As we noted previously, there are three dichotomous dependent variables describing customer subscription
behavior in this study premium movie, mium sport, and basic sport packagresrder to determine if a reasonable
quantity of observations (e.g. subscribers) exist in all three customer subscription TV packages, the frequency and
percentage of both subscribers and-sohscribers were assedsand are presented in Tablel2.our data, we
observed 44838 customers (44.8%) subscribing to the premium movie package, 11061 customers (11.1%) purchasing
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the premium sport package, and 5911 customers (5.9%) adopting the basic sport package &l#é&?}d ferefore,
a reasonable quantity of observations (e.g. subscribers) was evident in all three TV customer subscription TV
packages.

Table 2: Frequency Table of Subscribers on Major TV Channels

Frequency Percent
Premium Movie Package
0 55162 55.16%
1 44838 44.84%
Premium Sport Package
0 88939 88.94%
1 11061 11.06%
Basic Sport Package
0 94089 94.09%
1 5911 5.91%

Next, we create a crosabulation table between each pairs of the dependent variables to demonsjratiertie
correlations between the customer subscription TV packages (refer to Tabl€¥}square test was used to detect
the significance of the correlatioBhown in the result, we observed 10148 customers who subscribe to both premium
packages (e.gpremium movie and premium spori)his group of customers represents about 22.6% of the total
premium movie subscribers (e.g. 10148/44838=22.6%) and 91.7% of the total premium sport subscribers (e.g.
10148/11061=91.74%).The large amount of muifackage subscribers indicates that customer subscriptions
between premium movie and premium sport packages are highly corrddtitionally, the pvalue of <0.0001 in
the chisquare test further confirms the significance of the correlation between the preoiuerand premium sport
subscription.

We were also interested in exploring if the customer premium package subscription is correlated with basic
package subscriptionVe found that there are 2883 customers who subscribe to both premium sport anddoasic sp
packagesThis number represents 26.1% (e.g. 2883/11061=26.1%) of the total premium sport subscribers and 48.8 %
(e.g. 2883/5911=48.8%) of the total basic sport subscribers (refer to Tab&e3lso observed 4029 customers who
subscribed to both theremium movie and the basic sport packages (refer to TakBo®).the frequency of mukti
packages subscribers and the -€tpiiare tests indicate that basic sport subscription is significantly correlated with
both the premium sport and the premium mowulessriptions.

As shown in the descriptive statistics, the three dependent variables are significantly coifakteidre, an
independent model (e.g. separately modeled each dependent variable) can result in a biased estimatmnthesult.
reasona joint modeling approach was required to simultaneously evaluate the customer subscription on the three TV
packages (e.g. premium movie, premium sport and basic sport).

Table 3: Cross Tabulation Table between Dependent Variables
Premium MoviePackage

Premium Sport Package X2 test
0 1 P-value
0 54249 913
1 34690 10148 <0.0001
Premium Sport Package
Basic Sport Package X2 test
0 1 P-value
0 85911 3028
1 8178 2883 <0.0001
Premium Movie Package
Basic Sport Package X2 test
0 1 P-value
0 53280 1882
1 40809 4029 <0.0001
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Predictor Variables: Continuous

The subscriber demographic information includes both the continuous variables of age, age range, and income,
and the binary variables of gender, margtitus, and child presend&/e present the descriptive statistics for the
continuous demographic variables in Tabl® observed that, on average, the TV subscribers in our study are about
43 years old and have an annual income of 34,753.08 US dodéées tw Table 4)Their household has an average
age range of 7.5 years which means that the age difference between the oldest and youngest member in the household
is on average 7.5 years.

In Table 4, you find the results of the twwample itest analysidetween the subscribers (e.g. Y=1) and-non
subscribers (e.g. Y=0) for each of the three TV packagiese we are interested in the relationship between the
customer TV subscription behavior and the predictor variables;tés¢ $erves as a preliminanodelfree evidence
of such relationshipwWe find that, for both premium movie and premium sport packages, the means of all three
predictor variables are significantly different between the subscribers arglihseribers (refer to Table #urther,
we identify a positive meadifference for both age range and income and a negative-diféerence for age (refer
to Table 4).The result suggests that all three predictor variables are correlated with the subscriptions of the two
premium TV packages:or bothpremium movie and premium sport packages, the subscribers tend to have younger
age, wider household age range, and higher income than thsubscribersWhen we examined the basic sport
subscription, necessitated by the result of ttest, we found th significant predictor variables are more likely to be
both income and age.

Table 4: Descriptive Stats for Continuous Demographic Variables

t-test
Total Sample Premium Movie Premium Sport Basic Sport
(N=10,000) Package Package Package
Predictor Mean Mean
Variable Mean Std Dev Diff P-Value = Mean Diff P-Value Diff P-Value
Age 7.542 12.227 0.259 0.0009 0.325 0.0083 -0.070 0.6690
range
Income 34,753.08 19,125.79  947.80 <.0001 | 1,915.20 <.0001 | 2,679.50 <0.0001
Age 43.174 14.138 -1.876 <.0001 -2.101 <.0001 -2.535 <0.0001

*Mean Diff=ds® p G@s® T

Predictor Variables: Dichotomous

The dichotomous predictor variables include the demographic variables of gender, marital status, and child
presence, along with the list tfestyle variablesSince both the dependent variables and predictor variables are
dichotomous, we use the creasdbulation table and the associated-sdpilare test to show the potential relationship
between them (refer to Table 5SJhe frequency of the demographic variables shows that 58.7% of the subscribers are
female, 60.0% of subscribers are unmarried, and 55.7% have children in the household (refer to Athllees.
demographic variables are relatively balanced in sangdebgtween the two binary groups for model estimation.

The lifestyle variables are relatively unbalanced in sample size between the two binary groups (refer to Table 5).
Of all the lifestyle variables, travel and internet have the highest number oftrabeervationdaNe observed about
26.7% of the customers are interested in travel and 26. 7% of them use the Internet at home (Thbléa3t
preferable lifestyle is video game use and hunting, which subscribers show interest at 4.6% and 11.6% levels
respectively (refer to Table 5Y.he unbalanced samples of the lifestyle variables can result in less observations in the
crosstabulation table with dependent variablEsr example, within the group of customers who are interested in
video game (n=43%, we observed 2349, 622, and 302 customers who subscribe to premium movie, premium sports
and basic sports, respectively. Although the lifestyle sample is less balanced, we still have at least hundreds of
observations in each cell of the craabulationtable for each lifestyle variable, which is adequate for model
estimation purpose.

Next, we examined the potential relationship between the predictor and dependent vaihebtbssquare tests
suggest that all the demographic variables have signif@anelation with the subscriptions of premium movie and
basic sport packages (refer to Table Fr premium sport package, both gender and marital status variables are
significantly correlated with the dablsdoesmetrshow ad&trengr i pt i o
correlation.
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The relationship between the subscriber lifestyle and their TV subscriptions is more divdtsifigek premium
movie package, the variables of Internet, video game, gardening, and hunting all show a stetatgpogpvalue <
0.01 in Table 5), the variables of music, travel and auto interest show a moderate correlatlar 0.1 in Table
5), and the variables of health and upscale show no significant correlatialugx> 0.1 in Table 5Y.he subscripon
of premium sport package is significantly correlated with internet, video game, gardening, travel and upscale, but not
correlated with music, hunting, auto interest and healtiditionally, the basic sport subscription appears to have
moderate to stirgg correlation with all lifestyle variables except for auto interest (refer to Tabléh) result suggests
that the customer lifestyle can play different roles when s/he chooses different TV paEkagaample, the music
interest variable shows t@te a greater influence on premium movie subscription than premiumSpag. lifestyle
interests, such as Internet and video game use, may impact the customer subscription choice behavior for all three TV
packages.

Table 5: CrossTabulation Table between Binary Predictor and Dependent Variables

Predictor S-I;l?]t%lle Premium Movie Package | Premium Sport Package Basic Sport Package

Variables (N=100,000) 0 1 G2 t 0 1 G2 t 0 1 G2 t

Demographic Variables

Gender 0 58662 32838 25824 <0.0001| 52952 5710 <0.0001 55888 2774 <0.0001
1 41338 22324 19014 35987 5351 38201 3137

Marital 0 60089 33477 26612 <0.0001 53704 6385 <0.0001 56770 3319  <0.0001
1 39911 21685 18226 35235 4676 37319 2592

Children 0 44313 25317 18996 <0.0001 39460 4853 0.3253 @ 41565 2748  0.0005

Presence 55687 29845 25842 49479 6208 52524 3163

Lifestyle Variables

Music 0 79931 44222 35709  0.0383| 71105 8826  0.7026 75291 4640  0.0046
1 20069 10940 9129 17834 2235 18798 1271

Internet 0 73328 40929 32399 <0.0001 65451 7877 <0.0001 69298 4030  <0.0001
1 26672 14233 12439 23488 3184 24791 1881

Video 0 95441 52952 42489 <0.0001 85002 10439 <0.0001 89832 5609  0.0366

Game 1 4559 2210 2349 3937 622 4257 302

Gardening 0 84367 46345 38022  0.0007 74897 9470  0.0001 79332 5035  0.0759
1 15633 8817 6816 14042 1591 14757 876

Hunting 0 88426 48909 39517  0.009 | 78677 9749  0.3163 83150 5276  0.0394
1 11574 6253 5321 10262 1312 10939 635

Travel 0 73264 40548 32716  0.054 | 65273 7991  0.0102 69066 4198  <0.0001
1 26736 14614 12122 23666 3070 25023 1713

Auto 0 88377 48836 39541  0.0899 78580 9797  0.4964 83126 5251  0.258

Interest 1 11623 6326 5297 10359 1264 10963 660

Health 0 72327 40006 32321  0.1214 64277 8050 0.2607 68129 4198  0.0206
1 27673 15156 12517 24662 3011 25960 1713

Upscale 0 85020 46896 38124  0.9612 75694 9326  0.0274 80131 4889  <0.0001
1 14980 8266 6714 16245 1735 13958 1022

In summary, thelescriptive analyses provide a preliminary evidence on the two substantive asSjpsitthe
customerds choices of T\Secora datatheecsstoraers@emiograghicland lifestyle cae | at e
significantly influence their TV subscriptionebaviors.Moreover, we observed reasonable distribution of the
continuous predictor variables, and adequate observations in the categories of binary predictor variables for model
parameter estimatiorOur result also demonstrates that, the effects ofigteedsariables, especially lifestyle, on the
customer subscriptions of TV packages, can be diversiiedmore accurately quantify the impacts of both
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demographic and lifestyle variables on the customer subscription behaviors, we need the joint rmppledach to
evaluate both predictor and dependent variables in one framework.

Multivariate Probit Model Estimation Results

The multivariate probit model estimation result is presented in TablBoGnake the comparison between the
three TV packages mostraightforward, we only show the parameter estimation sign and significance for all predictor
variables.The complete estimation outcomes including the estimates, standard evedug and pvalue are given
in Appendix 1.

We can evaluate the parameestimation outcomes from two perspectiveEgst, we compare the customer
subscriptions between the premium and basic pack&jase both premium movie and premium sport are premium
TV packages, we can view both of them as a category of premium packadestudy the difference of customer
subscription between the premium packages (e.g. both premium movie and premium sport) and the basic packages
(e.g. basic sport)Next, we can compare the customer subscriptions between the movie and sport pSickigeg,
we combine the premium sport and basic sport into the category of sport packages and evaluate the difference between
the movie (e.g. premium movie package) and the sport (e.g. both premium and basic sport packages) subscriptions.

From the paramnter estimation result (refer to Table 6), we observed four different types of predictor variables.
The first type of predictor variables, which include gender, marital, age, income, Internet and gardening, appear to
have a consistent effect on the subgwipchoice behavior for all three TV packag€be parameter estimations of
gender, marital, income and internet variables are significantly positive and those of the age and gardening variables
are significantly negative in the results of all three T\¢kaaesThis suggests that, if a customer is male (gender =1),
married (marital=1), has higher income and uses the Internet at home, then he is more likely to subscribe all three TV
packagesOn the other hand, if the customer is older (age increase)rdikdbogardening, s/he may be less interested
in subscribing to any TV packages.

The second type of predictor variables, which include age range, video games, and hunting, show different
impacts between premium and basic packages subscriptterfound hat all three variables have a significant
positive influence on the subscription of premium packageis. means that, if the subscriber has a wider age range
household structure, uses video game at home, and likes hunting, s/he may prefer subscpiEnguhepackages.

On the other hand, for basic package subscription, both age range and video game use are not significant, while hunting
is negatively significant.

Child presence, travel, auto interest and upscale belong to the third group of prediatdes whose influences
on subscription are different between movie and sport packagesiggested by the estimation results (refer to Table
6), when a subscriber has children, s/he is more likely to subscribe movie package (e.g. the estimativa)ibios
less likely to choose sport package (e.g. the estimation is neg&tilieh we look at the three lifestyle variables of
travel, auto interest, and upscale, we found that, none are significantly related to the movie package, but all are
significantly related to sport packagedpecifically, a customer will be more likely to subscribe the sport packages if
s/he is interested in travel and/or upscale stores, but less interested in sport packages if s/he likes automotive activities

There also existpredictor variables, such as music and health, which show distinct estimation results with each
of the three TV packageBor example, the estimation of music is negative in the premium movie,-sigmaficant
for the premium sport, and is positivedasic sportThe estimation of health is nesignificant in both premium movie
and basic sport, but negative in premium sport.

Another important estimation is the Tetrachoric Correlation, which is used to determine the correlation between
the three dependevariablesThe estimation results show that the correlation is 0.693 (eglue < 0.0001) between
the two premium packages (e.g. premium movie and premium sport), and is 0.573v@due R 0.0001) between
the two sport packages (e.g. premium spod basic sporthfTt hi s result confirms that the
behaviors are highly correlated between TV packages within the same category (e.g. category of premium packages
or category of sport package$)e also noticed that the correlationtseen premium movie and basic sport is
statistically si g#alued0OEHNTIhIi(se .sgug gjelsxt=s0 .t2h%dt,, Pt he cust ome
can also be highly correlated between different categories of TV packages (e.g. movie vs. sport or premium vs. basic).
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Table 6: Multivariate Probit Model Parameter Estimation

Premium Movie Premium Sport Basic Sport
Package (Y1) Package (Y2) Package (Y3)

Parameter Parameter Sign and Significance

Intercept N.S - (**%) - (**%)
Demographic Predictor Variables

1Gender + (***) + (***) + (***)
1Marita| + (*) + (***) + (***)
3ChildrenPresence + (%) - (%) - (%)
1Age _ (***) _ (***) _ (***)
2Age Range + (**%) + (**%) N.S
1Income + (**) + (***) + (***)

Lifestyle Predictor Variables

Music - N.S +(%
Hnternet N ) + () + (#¥)
2Video Game + (*) + () N.S
1Gardening - (7% - () - ()
2Hunting + (**%) + () - (%)
STravel N.S + (%) + (%)
3Auto Interest N.S - (*%) )
Health N.S - N.S
SUpscale N.S +(*) + ()
Tetrachoric Correlation

Estimate SE P-value
J12 0.692 0.0046 <.0001
J13 0.294 0.0077 <.0001
J23 0.573 0.0066 <.0001

*--significant at 10% level; *£significant at 5% level; ***-significant at 1% level

1: The predictor variable has consistent impacts on all three TV subscription; 2: The predictor variable has different impact
between Premium and Basic TV subscription; 3: The predictor variable has different impacts between Movie and Sport
subscription.

To evaluate the model prediction power, we computed the-tabatation table between observed and predicted
subscriptions for all three TV packages (refer to Tabl&m the result, we found that, the model can achieve more
than 87% overall hitatefor all three TV packageSpecifically, the model can simultaneously identify 40615 out of
44838 (90.6%) subscribers for premium movie package, 10021 out of 11601 (86.4%) subscribers for premium sport
package and 4981 out of 5911 (84.3%) subscriberbdsic sport packagén the nonsubscriber group, the model
can reach at least 84% accuracy for each of the three TV packhgekitrate outcomes are much better than the 50
percent fAby chancedo criterion, thus confirming the mod
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Table 7: CrossTabulation Table between Observed and Predicted TV Subscriptions

Observed Subscription

Premium Movie Premium Sport Basic Sport
Package Package Package
Predicted Subscription 0 1 0 1 0 1
Count 0 48363 4223 79296 1580 82684 930
1 6799 40615 9643 10021 11405 4981
Percentage 0 48.4% 4.2% 79.3% 1.6% 82.7% 0.9%
1 6.8% 40.6% 9.6% 10.0% 11.4% 5.0%

Conclusion

Operating in a highly competitive market with high saturation, the subscriptised television service providers
needtcunder stand the customerdés subscription behaviors
the cust omer 6s Tophelp thehsendce praovider achieva tluisnsubstantive goal, our study attempted to
profile likely subscribersa premium movie, premium sport and basic sport packages using both subscriber
demographic and lifestyle information.

A multivariate probit model was proposed for jointly evaluating the customer subscriptions of the three TV
packagespremium movie, premim sport, and basic spowe found a significant correlation between the different

TV packages. The high correlation necessitated simultaneously investigating the customer subscriptions of multiple

TV packages rather than evaluating each TV package selyafdne model estimation results show that, the customer
Ssubscription behaviors, e. g. t he subscriptions of
demographic and lifestyle informatiohhe influence of the demographic and lifestyleafales on the customer TV
subscriptions choices is diverger example, customers who like hunting prefer premium TV packages, but not the
basic package€ustomers with children are more likely to subscribe to movie packages than sports padkages.
savice provider should pay attention to the varied demographic and lifestyle influences to avoid making the wrong
target decisions.

An extension of this study would consider examination of the effects of other types of predictor variables on the

customer WV subscription behaviors, such as price, promotion, and advertising infludPdes. is always a

S

determinant factor shaping a customer purchase decision. Therefore, it would make sense to add covariates in this area

to improve both the model applicationdaprediction powerA further extension of this study would be to expand the

dataset from crossectional to panel data, such that we could also evaluate the dynamic features of the customer

subscription behaviors.

Appendices

Appendix 1: Multivariate Pr obit Model Parameter Estimation Result

Parameter Estimates

Parameter Estimate SE t-Value P-Value
Premium Movie

Intercept 0.026 0.018 1.47 0.1425
Gender 0.054 0.008 6.65 <.0001
Marital 0.017 0.009 1.89 0.0586
Children Presence 0.032 0.009 3.65 0.0003
Age -0.006 0.000 -18.16 <.0001
Age Range 0.002 0.000 491 <.0001
Income 0.568 0.222 2.55 0.0107
Music -0.023 0.014 -1.66 0.0974
Internet 0.047 0.011 4.25 <.0001
Video Game 0.136 0.021 6.53 <.0001
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Gardening -0.071 0.014 -4.95 <.0001
Hunting 0.043 0.016 2.73 0.0062
Premium Sport
Intercept -1.121 0.023 -48.03 <.0001
Gender 0.167 0.011 15.68 <.0001
Marital 0.036 0.012 3.02 0.0025
Children Presence -0.050 0.011 -4.39 <.0001
Age -0.007 0.000 -15.69 <.0001
Age Range 0.002 0.000 3.91 <.0001
Income 1.713 0.290 5.9 <.0001
Internet 0.059 0.014 4.12 <.0001
Video Game 0.111 0.026 4.2 <.0001
Gardening -0.092 0.019 -4.86 <.0001
Hunting 0.051 0.020 2.51 0.0121
Travel 0.031 0.014 2.2 0.0277
Auto Interest -0.044 0.020 -2.22 0.0262
Health -0.028 0.016 -1.75 0.0809
Upscale 0.035 0.015 2.32 0.0203
Basic Sport
Intercept -1.396 0.029 -48.9 <.0001
Gender 0.239 0.013 18.24 <.0001
Marital 0.050 0.015 3.45 0.0006
Children Presence -0.109 0.014 -7.92 <.0001
Age -0.008 0.001 -16.1 <.0001
Income 1.706 0.358 4.77 <.0001
Music 0.041 0.023 1.81 0.0701
Internet 0.128 0.017 7.44 <.0001
Gardening -0.069 0.023 -3.02 0.0025
Hunting -0.082 0.025 -3.24 0.0012
Travel 0.036 0.017 2.11 0.0346
Auto Interest -0.072 0.024 -2.98 0.0029
Upscale 0.073 0.018 4.01 <.0001
Tetrachoric Correlation

J12 0.692 0.005 150.12 <.0001
J13 0.294 0.008 37.96 <.0001
J23 0.573 0.007 87.33 <.0001
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Summary Brief

A Comparison of the Shot and Long Forms of the
Social Dominance Orientation Scale

Karin Braunsberger, University of South Florida St. Petersburg, USA
Richard O. Flamm, Florida Fish and Wildlife Research Institute, USA
R. Brian Buckler, Avila University, USA

We compared the ternal reliability and predictive validity of the 1ieem Social Dominance Orientation scale
(SDOE6) to the 4tem Short Social Dominance Orientation Scale (SSDO) using @student sample in the United
States focusing on the social hierarchy struggle betwcarnists (i.e., individuals who embrace the socially dominant
view that it is ethical to eat animaler i ved products) and ethical vegans (i
ani malso6 and embrace ani mal r i $SIDO® was conslérdably lowegthan thatdf e r n a |
the SDOG6, predictive validity was almost as high. As expected, individuals displaying lower levels of SDO, as
measured by both SDO6 and SSDO, display lower levels of speciesism as well as higher levels ofcemggratic
Further, as anticipated, ethical vegans, as compared to carnists, are lower in SDO and speciesism, and higher in
empathic concern.

Introduction

Social Dominance Theory (Sidanius and Pratto, 1999) posits that societies embrace systems ofauti@die
that are based on group characteristics such as race, ethnic group, religion, and species. Within thesesatbitrarily
systems group conflict and oppression are commonly observed. Individuals who defend a given group hierarchy have
beenfoundtad i spl ay high |l evels of social domi nance orientat
difference orientation that expresses the value that people place on nonegalitarian and hierarchically structured
relationshi ps amo nugandg Rratto, 4999, m 619 BriprsrésealctBhasdfeundia robust correlation
between SDO and discrimination as well as prejudicial ideologies about many kinds of groups, including ethnic
minorities, religious minorities, the poor, women (Pratto et al., 2@Gk®) animals (Dhont and Hodson, 2014).

Background

SDO, as a measure of propensity for prejudice, is generally assessed by usingahmeSIBO6 scale (Pratto et
al., 1994). Although SDOG6 is used widely, it has been the target of a numdsé¢ticefms, one of which relates to the
relatively high number of items; this places a burden o
directly addresses this and other criticisms by comparing the SDO6 to a newly develtgmdShort Social
Dominance Scale (SSDO) across 20 countries, using 15 languages, and found the short scale to be effective. In their
research, Pratto et al. (2012) focused on the relationship between SDO and attitudes toward women in leadership
positions, aido the poor, and protecting minorities. As expected, low scores on either scale indicates a preference for
group inclusion as well as favoring equality to dominance.

The purpose of the current research is to compare the SDO6 to the SSDO in a combeatits group hierarchy
to include prejudices and dominance toward animals (Dhont and Hodson 2014).

Study 1: Findingsd SDOs

One hundred forty subjects answering the survey featuring SDO6 reported the consumption of red meat and are
therefore considered teelrarnists (Joy, 2010), whereas 79 stated that they do not eat any type of meat or any animal
byproducts and are ethical (i.e., animal rights; Francione and Garner, 2010) vegans.

Scale reliability of the SDO6 iswekfryohighe(Gro8bay/
measure. The speciesism scale consists of eigbirit scales (measured from 1 = strongly disagree to 7 = strongly
agree; Dhont et al., 2014). Sample items include the production of inexpensive meat, eggs, and dairyustohscts
maintaining animals under crowded conditions and there is nothing wrong with killing animals for their fur to make
clothes (fur coats). Higher scores on the multiple e m measure (U = .878) signify a
empathic conam scale was adjusted from Davis (1980) to consist of seysnt items (measured from 1= does not
describe me well to 7 = describes me very well). Sample items include when | see someone being taken advantage of,
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| feel kind of protective toward them dn would describe myself as a pretty sbéfarted person. Higher scores on
the multiplei t em measure (U=.838) show a higher | evel of empa

Pearson correlation shows that, as expected, both speciesism (r=.514; p=.001) and empathic coAg6rn (r=
p=.001) are highly and significantly correlated to SDO6 in the expected directions.

The statistical analyses using emay ANOVA show, as expected, that ethical vegans display a statistically
significant (1) lower level of SDO (m=1.97; F=30.169; p80pPthan carnists (m=2.78); (2) lower level of speciesism
(m=1.52; F=449.996; p=.0001) than carnists (m=4.18); and (3) higher level of empathic concern (m=5.98; F=35.188;
p=000.1) than carnists (m=5.07).

Study 2: Findingsd SSDO
One hundred forty seven ofglnespondents answering the survey featuring the SSDO scale were carnists and 143
ethical vegans.

Internal consistency of theidt em SSDO (U=.651) i si tleomwesrc atl hea n( Gt=h a9t1 39
consistency of the sgplkci@®&nsd stmhatcadfe t(WNe.d@pPgt hisc héoncer

The correlation between SSDO and speciesism is statistically significant and in the predicted direction (r=.350;
p=01), as is that between SSDO and empathic concetdZg; p=.01).

As prediced, the statistical analyses using -oveey ANOVA show that ethical vegans display a statistically
significant (1) lower level of SDO (m=1.99; F=23.133; p=.0001) than carnists (m=2.62); (2) lower level of speciesism
(m=1.27; F=557.257; p=.0001) than carsi@h=3.82); and (3) higher level of empathic concern (m=6.01; F=21.709;
p=.000.1) than carnists (m=5.71).
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Summary Brief

Fake or Not: The Impact of Consumer Perceptions of
Online Reviews on Purchase Intention

Sujata Ramnarayan, Notre Dame de Namur University, USA.

Online reviews play anajor role in consumer decision making for both online and offline purchases. Numerous
sources report the importance of online reviews to both businesses and consumers with ninety percent of consumers
reading reviews before visiting a business. Many studansider the economic impact of database driven rating
scores on marketing performance measures. However, research on how consumers form judgments on reviews leading
to the purchase decisions is limited. This study aims to fill the gap in the litetgtloeking at how consumers use
peripheral cues of volume of reviews, valence of review content, and perceived trustworthiness of reviewers in forming
judgments on trustworthiness of reviews and its impact on purchase intention.

Literature Review and Hypotheses

Majority of Americans rely on online reviews as a way to reduce information asymmetry (Spence 2002) before
making a purchase. According to the Pew Internet Center, eighty two percent of U.S. adults refer to online reviews
before making a purchase (8mand Andes 2016). Despite the fact that forty eight percent of those reading reviews
are not sure about its trustworthiness, the majority of consumers still rely on it for making decisions (Gammon 2014).
This suggests that consumers use other peripbeealto help them in forming judgments regarding trustworthiness
of the reviews. This study plans on examining how such peripheral cues affect perceptions of reviews and therefore
purchase intention.

Recent research shows that effect of volume and ratfgsline reviews on sales and other marketing
performance measures. However, we know little about how consumers form opinions regarding these reviews and
therefore their purchase decisions based on these reviews. How do consumers form their judgfredritityf and
trustworthiness of such reviews to make decisions? While it is clear that many depend on it, the proliferation of reviews
along with mixed reviews and fake reviews, is leading consumers to make judgments about the reliability of reviews
andreviewers in arriving on a trust score internally before making decisions. Not much is known about how consumers
perceive these reviews in making decisions. This research hopes to provide some answers to these questions and
contribute to existing researom perception of reviews in forming judgments during the decision making process.

Research shows the effect of online reviews on sales to be moderated by product and consumer characteristics
(Zhu and Zhang 2010). For example, when consumers are lookpupalar products, they rely on online reviews
less. Similarly, when consumers have more experience with the internet they tend to rely on online reviews more. The
strength of impact of online reviews on sales appears to be moderated by popularity dé@nodilevel of experience
with the internet. However, the researchers only captured the effect on sales, leaving open the question of how such
reviews are perceived. It is clear that volume of reviews and ratings have an impact on sales. Howevelear is un
how it influences consumers in forming judgments. For example, many products have mostly positive reviews. When
presented with little variance in reviews and mostly positive reviews, consumers depend on other peripheral cues such
as photos to assessstworthiness of reviews (Ert, Fleischer, and Magen 20a5n online medium where ties are
weak and the reviews are from strangers, consumers depend on peripheral cues in reaching decisions. As mentioned
earlier, some of the cues are familiarity witie product or experience with the internet in which case the reliance on
such reviews is moderated but not negated by such factors. Even in these cases, the consumer is left to evaluate the
trustworthiness of the reviews based on other cues such asl¢heevaf the review, the reputation rating for the
product, or the trustworthiness of the reviewer. Although negative word of mouth has a greater impact than positive
word of mouth on purchase evaluations, it is often filtered and evaluated in light ibafiynwith the product,
retailer, and or brand (Chatterjee, P 2001). Chatterjee (2001) found that perception of credibility of negative reviews
did not differ between those who selected based on familiarity or price although those who were unfamilie wi
brand or retailer tended to search for more negative reviews. This shows that negative reviews provide value by
themselves in helping consumers make decisions or validate their decisions just as much as positive reviews do.
However, current researtias not assessed the value of valence to consumers and how much each influences decision
making. Thus, the first hypothesis is as follows:
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H1: Consumer trust of reviews is likely to be greater for products that have mostly positive with some negative
reviews than for products with all positive reviews.

Manager 6s response to reviews also have an i mpact on
having a positive effect on subsequent reviews and acts of customer appreciation seen as disingéanypasd
Chaudhry 2018). This implies that trust in the product and the reviews increases in case of complaint management
and decreases in case of customer appreciation in an
negative reviewssi seen as adding value whereas manager response to positive reviews is segmogsatielhal.
Although the authors found this to be true only in cases where the reviewers could observe previous reviews, a
consumer making decisions should be influenced similar way and is in a situation where all reviews including
manager s responses are Vvisible. As the authors point
reviews with a focus on management of reviews while calling for futurearels on its impact on economic
consequence of such reviews and manager responses. Similar to how consumer assessment of manager response to
positive reviews is perceived as less trustworthy, it is proposed here that consumers are likely to find pitbdacts w
few negative reviews that have been addressed more trustworthy than all positive reviews. Thus the second hypothesis
is:

H2: Consumer trust of products and reviews is likely to be greater for products with mostly positive but with a
few negative revws that have been addressed by the provider than for a product with all positive reviews
with no manager response.

As stated earlier, consumers find value in both positive and negative reviews. There are also many cases where
the reviews are twsided preiding for both positive and negative assessment of the product or service. Consumers
are not only using valence of reviews as a cue to judge its trustworthiness but they are also trying to judge the
trustworthiness and credibility of the reviewer. In oth@rds the perceived authenticity of an individual reviewer
and the authenticity of reviews overall both could potentially impact perceived trustworthiness of the reviews. Based
on the above discussion, it is proposed.

H3: Consumer trust of reviews, rewier, and products is greater when reviewers provide two sided reviews as
opposed to all positive or all negative reviews.

Methodology

The study will involve an online experiment in which peripheral cues of reviewer trustworthiness, valence of
content, andeputation rating. All along with product type will be manipulated to measure consumer perception of
trustworthiness of reviews, perception of product performance and purchase intention. This is similar to how consumer
make decisions online providing aalistic environment for decision making.
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Summary Brief

The Persuasive Role of Messenger Cues in User
Generated Product Reviews

Johnine McCartney, Ithaca College, USA
Karen Berger, Pace University, USA
Laura Rifkin, Pace University, USA

While decisions regarding the pergtation of cues about the online product reviewer may seem routine, the
present research demonstrates that such factors can significantly enhance the persuasiveness of a product testimonial.
Marketing practitioners curating product testimonials for socmgdia are advised to balance the presentation impact
of the testimonial and messenger cues.

Introduction

Among millennials seeking advice, the | arge majority
List (Mintel, 2018) and marketers arecirasing focused on harvesting earned social media content to influence
prospective customers. When reading tggarerated product reviews, consumers often see a multitude of cues about
the messenger (author). Some aregefited by the messenger and fdevauthentication that the messenger is a real
person reviewer, some are posted by the website commun
credibility. One fundamental question this experimental research sought to answer was ifuhsiymrsss of the
product review testimonial is affected by these messenger credibility cues. If so, what messenger cue presentation
boundary conditions change the overall persuasiveness of the product testimonial.

Background

The overall objective of teiresearch was to study the effect of consensus anpostéfd messenger credibility
cues simultaneously presented with ugenerated product reviews. While prior experiments have explicitly
manipulated one aspect of messenger credibility, such as isgpehis experiment sought to explore the effect
multiple, diverse messenger credibility cues had on prospective customers, a typical environment when visiting sites
such as Yelp and TripAdvisor. For the purposes of this experiment, consensus cue w@ergpbrationalized as: a

designation of being or not being an fAelited website m
high or | ow number of revi ewer -postedensssengercreditiitytugdgihl 6, Af u
was operationalized as: the inclusion of a picture of t
the inclusion of a gender specific name or gemderu t r a | name, and the inclusion c
information or not.

Findings

Of importance to marketeers, the persuasiveness of a product review testimonial to prospective consumers can be
enhanced by the presentation of messenger credibility cues. As hypothesized, results of Study 1 indicated that both
self-posted informational messenger credibility cue strength and consensus messenger credibility cue strength had
significant main effects on perceived messenger crediblitifprmational messenger credibility cue strength had a
significant main effect on perceived messemgredibility, (F 1,258 = 4.376, p<.0%)onsensus messenger credibility
cue strength had a significant effect on perceived messenger credibility, (F 1,258 = 7.072, Tegefer,
informational messenger credibility cue strength and consensus messeuljjgility cue strength were a significant
predictor of perceived messenger credibility (F 3,258 = 4.107, p<.01). The consensus messenger credibility cue
strength being the greater influencer. Turning attention to the outcome variable of persuasiople dirstar
regression was calculated to predict persuasion based on perceived messenger credilghificant regression
equation was found (F 1,260 = 49.185, p<.001, with a R2 of R&2eived messenger credibility had a significant
effect on persasion (B=.358, SE=.051 p<.008s predicted, perceived messenger credibility was also shown to be
a mediator is the relationship between consensus messenger credibility cue strength and persuasion. Of potential
interest for future research is the negatsign of the interaction between spifsted informational messenger
credibility cue strength and consensus messenger credibility cue strength on persupsegiranalysis of the data
focused on the effect of perceived levels of consensus messengbiliredie strength and perceived splisted
informational credibility cue strength. The conditional effect of perceived consensus messenger credibility cues on
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persuasion, with the multiplicative moderators of perceived similarity and perceivedhastd informational
credibility cues was significanT.he relationship was negative, such that higher perceived levels of messenger self
posted informational cue strength significantly weakened the positive effect of perceived consettibilgy cue

strength on persuasiofhe current research highlights a potential caveat for managers to balance the effect of the
presentation of selposted messenger informational credibility cues and consensus opinion messenger credibility cues
whentrying to persuade perspective customers. Given that perceived similarity affects persuasion (Naylor et al., 2011,
Lim et al.,, 2006), and its moderating effect may be weakened in the presence of higher percejvesteself
messenger informational cue stgeh, the boundary conditions of this interaction warrant further investigation. Study

2 will be an experiment studying the effect of perceived messenger informational messenger cue strength and
perceived consensus messenger credibility cue strength oceiyger messenger credibility and persuasion, under
conditions of high and low messenger similarity. Study 2 will focus on the effects of perceivpdstetf messenger
informational credibility cue strength and perceived consensus messenger credikilisgrength on perceived
messenger similarity and persuasion, with an additional manipulation of priming the participants for similarity.
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Summary Brief
Selfiels Not Justfor Self, Implications for Marketing

Mini Mathur, MICA, Ahmedabadindia

Selfie has been a point of discussion as a social phenomenon but not much has beseddiscunarketing
scholars to understand selfie with regards to branding, promotion or consumer insights. Purpose of this study is to
explore selfie as a phenomenon and its usefulness in marketing. The paper uses not just selfie but also interviewed
subje¢ s fion the how and why of taking and wusing selfieo.
evidence for marketing and consumer insights. The results emphasized that respondents like taking selfie for the
control, freedom and privacytabutes. It enables them to take multiples and then post that best one with friends or
family. I't is also considered to capture fionesel fo in
selfies are taken on extempore basis. This isxpioeatory research delving into usage of selfie for marketers.

Introduction

Selfie is defined as a photograph that one has taken of oneself, typically one taken with a smartphone or webcam
and shared via social media. (Oxford Dictionary). Selfie hasbeers e ar ched by schol ars from
social perspective and not so much from a marketing lens. Cruz and Thomham (2015) argue that it should be
understood broadly as social, cultural and media phenomenon and not just looked at as anotheeliileacgn be
understood as portrayal of self, a photographic technique, as capturing of momentsulsacb evidence of
millennials, sharing on soci al media as a maj or compone
i n A steelg@iestiondarises is, can it be used to promote an object on that subject, be it fashion, accessories or a
durable.

Theoretical Examination

The literature regarding selfie is very limited in the area of marketing. The ability of the selfie to batdistirib
social networking sites makes it unique. Brager (2015) discussed that selfies get a second life when they are online.
Sharing of selfies in social networking sites enables the marketers and advertisers to get information of their
prospective custoers. (Nightingale, (2007). This has been studied as part of social media studies. dBramnuts
afford to avoid selfies considering it for young people with identity issues and start looking for the next generation of
brandstorytellers There can be creative insights generated out of it. (The Gua2diadh). Kedzior, Allen, Schroeder
(2016) have stressed on the importance of selfie both in consumer lives and in generating insights which are important
to marketers in areas such as branding, consumer behaviour and market research. While selfierizddasdt lzy
marketers, this is emerging as one of the new media genres, and it enables consumer engagement, giving maximum
returns to the social media marketing efforts. (Hackley, Hackley, Bassiuni, 2018).

Methodology

The research has been done in tvemesi one at the data collection throughdapth interviews and keeping a
repository of selfies of the participants. Content analysis of these interviews have been done to arrive at initial findings.
Two at the quantitative photo analysis stage, takb@<klfies from different social networking sites and coding was
done to emerge on themes. In this research, convenience sampling was used, with 10 pdrt&ifganddes and 4
males, in the age group of 2B0 years, as pogfraduate students were reited. As the researcher needed a sample,
who are extensively into selfie phenomenon, a roll ball method of selection of informants wdswasdound that
not many males get into this phenomenon, we had more number of female respondents than neakesriple.
Informants were requested to bring in five of their recent selitedepth interviews, ranging for 450 minutes,
helped the researchers in understanding how informants associate meanings to their selfie image. Discussions revolved
aroundanpgr obed into infor mapatdyw. feeling of self and self

Findings

Multiples reasons of taking selfie was revealed. Selfies helps in taking control of yourself and your emotions.
Sometimes people take selfies just to check how they look. Sgiiea sense of inclusiveness that many people can
be included in one frame. It was also found that many people did not like the concept of taking selfies but when it was
accepted in social set up, they started being a part of it or started taking Keajfiess confidence to oneself to click
their own photo as some people become cautious when others take their pictures. Generally, peopledbies 3
and they keep the good ones and discard the bad ones. Some people feels that selfie gives ootiieiefmek. At
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times, selfies are also taken when there is no particular reason to it rather it is just taken because there are group of
friends sitting together in a room and they just want to click some pictures. They then post it in social mexdia jus

get some likes and comments from close friends. There are some set of people who click photos because they want to
capture good moments. Here good faces and quality of the picture is of least importance. What matters to the subjects
is inclusivenessraogetherness. The reason for taking selfie is capturing happy faces and moments spent together and
also the background if it is a holiday. Selfie is an extension ofig@fay, with pouting and other expressions, people

tend to display boldness. ltgvs fr eedom t o make all kinds of weird face:
groups, not possible to share the screen space, so we do it in smaller groups. Earlier when someone else clicked, it
looked more madep, we got cautious, looked artifi al . Sel fi es make us | ook more c
Conclusion

The selfie has become one of the important ways to communicate by millennials of this generation. This paper
debates that while selfie has a strong connotation ofamiicept, narcissism and otheyglsological attributes but
its sharing on social media sites itself indicates there is much deeper engagement in terms of consumer insights and
marketing. This gives enough evidence regarding selfies to be used by marketers for insights. This nesadsao be f
investigated considering the social, cultural and technological context.
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Summary Brief

Do Scarcity Signals Time Pressure, and Peer
Influence Work in Televised Sales Pitches? A Minute
by-Minute Analysis of TV Shopping Network Data

Ming Chen, University of Houston, USA

TV shopping networks (also known as the fAhome shoppi
the United States and worldwide. In 2014, QVC, one of the largest TV shopping networks, generated nearly $9bin in
sales revenue, with about 300 moifi customers worldwide. Central to their business model, practitioners at TV
shopping networks are keenly interested in understanding the impact (both individually and cumulatively) of
commonly utilized stimulatingales methods (such as time pressurer p#luence, and scarcity signals) on sales
per-minute (SPM) while promoting a product in reathe. Empirical studies linking sales strategies to SPM, however,
are limited. In this paper, we collect a dataset from a major TV shopping network that ;bhttiehe video footage
of the sales pitch, as well as SPM for a sample of 281 products across two major product categories (beauty and
electronics). We first use the Latent Class Model to explore the underlying factors that potentially affect thesdecisio
to utilize these sales methods while controlling for endogeneity. Then we examine the effectiveness of these methods
in driving SPM using generalized linear regressions. Our results show that (1) time pressure is not a recommended
method in our sampl€2) for TV shopping programs, when to utilize these methods in the show matters; and (3) the
effectiveness of sales methods tends to be stronger for the hedonic product category (beauty) than the utilitarian
product category (electronics).

Introduction

T evision (TV) shopping networks (also known as the
are major channels of direct retailing in the United States and worldwide. According to IBIS World (ibisworld.com),
the industry revenue was $6 bitian 2015. The major players in this industry generated substantial sales exceeding
the sales from traditional shopping channels such as pl
(i.e. Amazon.com) (Park and Lennon, 2006). For examaé two major players in this industry, QVC and HSN
(gvc.com and hsn.com) generated sales of $9 billion and $5 billion in 2014, respectively, both reached more than 100
million households worldwide.

With such a significant market size, TV shopping reks have attracted attention from both researchers and
practitioners. In this industry, SPM (salesrminute) is the key measure to indicate how successful the product is
when it is on air. This measure can reflect the variations of sales from the satuet @t different air time on TV
and also reflect the variations of sales across products at the same air time. For practitioners in this industry, they are
keenly interested in understanding the impact (both individually and cumulatively) of commidizlgdusales
strategies (such as time pressure, peer influence, and scarcity signals) on SPM while promoting a proeliroein real
One important question for them is what sales strategies are effective on TV shopping programs in terms of generating
maximum SPM. Meanwhile, marketing researchers are interested in understanding what factors that drive sales in TV
shopping network industry and the underlying mechanisms that help explaining the observed shopping behaviors.

In marketing, scarcity is one of trmmonly used strategies to promote sales. The scarcity strategy can be
manifested into the forms of limitetme offer or limitedquantity offer. For example, customers often see that limited
time offer from adverti semecnttss aerxeploncistdlye afnonro utntcii sn gw e

time offer displayed in front of customers gives consu
limited-quantity offer allows consumers to purchase certain types of product with liguitedity at the discounted
prices. I n addition, mar keting practitioners often use

products are of high quality compare to their peers. The herding theory (Bikhchandani, Hirshleifer, anti0@®ish
suggests that people tend to follow the crowd under the situation of information asymmetry or uncertainty (Keynes,
1930). Existing literature employs this theory as the main mechanism to explain effectiveness of peer influence
strategy adopted in nigting (Amaldoss and Jain, 2005, Argo, White and Dahl, 2006).
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In this paper, we focus on three sales strategies (time pressure, scarcity signal and peer influence) and empirically
examine the impacts of these strategies on SPM in TV shopping network industry. The exploratory analyses show that

the decisions of utiling these methods in a particular TV show are possibly endogenous. Ignoring endogeneity issue
will lead to biased results (William Greene, 2002). In order to control endogeneity, we use the Latent Class Model to
estimate the decisions of utilizing theset#tgies. The proposed method will also help identify the unobserved factors
that reflect the common characteristics of the TV programs.

We collect a dataset from a major TV shopping Network Company in the United States that includes both the
video foota@ of the sales pitch and the corresponding mibyteninute sales. The sample contains 281 sales pitches
with the average air length of 16 minutes. The sample contains two major product categarigsand electronics.

The 281 shows account for in totafl 4,621 minutes. Based on the collected data, this paper makes the following
contributions:

|l

To the best of our knowledge, this paper is the first one investigating the effects of different sales strategies
in TV shopping network industry using mintbg-minute data. With such a significant market size, TV
shopping network industry clearly deserves more rigorous research to uncover the important managerial
guestions such as what is the most effective sales strategy on TV program in terms of SPM.

The empircal findings from this paper are related to behavioral literature on the goal theory and the loss
aversion theory (Nathan Novemsky and Daniel Kahneman, 2005; Colin Camerer 2005; Ariely et al. 2005).
Consistent with findings from previous research on lagssion and herding, the empirical results of this
paper confirm that the scarcity does play a role
test conducted in this paper not only provides empirical evidence supporting the associaesilibealso

helps reveal the underlying mechanisms at play behind scarcity, time pressure and peer influence.

This paper empirically evaluates the effects of both individual and combination of sales strategies using the
field data. Among existing literate, empirical studies are quite limited because of data unavailability. Two
empirical studies (Balachander, Liu and Stock 2009, Inman and McAlister, 1994) explored the effect of single
sales strategy on auto and food industries respectively. Differanttirose studies, this current research
estimates the effects of different strategy combinations on SPM, exploring potentially more efficient ways of
utilizing sales strategies. In addition, compare to the studies using experimental data, this empéical pap
uses field data which has advantages of avoiding manipulation bias and measurement errors.

The rest of the paper is organized as follows. Section 2 presents literature review. Section 3 gives the data
overview with the statistical descriptions. Sectlotetails the model with the specification and the proposed research
design. Section 5 shows the empirical findings with the discussions. The interpretations and managerial implications
are provided. Section 6 concludes this study.

Literature Review

Scardty

Early in the industrial era, the father of modern economics Adam Smith started to notice the effect of scarcity and
the role it plays in the world of economy. In his famous back e weal t h of nati ons, he men
anobject,whichs i n any degree either useful or beauti ful, i s

About two centuries later, Brock (1968) provided the earliest formal definition of scarcity. He defined scarcity as
any of the following forms: (1) limitéons on the supply or the number of suppliers, (2) time and cost associated with
acquiring or keeping the product, (3) restrictions on limiting possession of a product, and (4) delays in providing the
product. This paper focuses on the first and secamdsfof scarcity. Specifically, we look at limiteghantity supply

(i

.eofsfiookdo scarcityimegoné&fFerafd. ei mhitede pressured)

There has been a rich history of research on scarcity (i.e., Brock 1968, Fromkin 1970, Worchel & and 97
Verhallen 1982). Scarcity attracted attention from psychologists before it has been adopted by marketing practitioners
as one sales strategy. Extensive experimental studies in psychology show that scarcity can intensify evaluative

responses (Friezznd Weiner 1971), increase the engagement (Sehnert et al. 2014), enhance the attractiveness of an

object (Verhallen 1982), and lead to greater persuasion effect (Bozzolo and Brock 1992).

preference for that particular product (Balachander et al. 2009). It has been proven that scarcity can serve as an

n

mar ket-ofsgoc&km BScatr city si gasatlategy. Researcit demomsiratds yhatu s e d
scarcity can increase the perceived value of a product (Raghubir 2006, Suri et al. 2007, and Mittone and Savadori
2009) , the inventorpfsteckb etamciptryw)duics ifefi goastmerv el y
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effective tactic increasing sales, which helps explain why it is one of the most frequently used sales strategies by
marketers ath advertisers.

Researchers go beyond to look for the underlying mechanisms that help explain the observed effectiveness of
scarcity. As suggested by Kahneman and Tversky (1979), the theory of loss aversion has been invoked in the domain
of both risklessrfo money involved) and risky (money involved) choices to explain the scarcity effect. Specifically,
they model risky choice to explain risk aversions of different consumers. In the situation where consumers see
discounted price, they illustrate that coneums may frame the di scounted purchas
product becomes oaf-st oc k and may reframe the purchase as a pof
opportunity. In order to avoid potential loss, customers are more likelyake purchase when they see a scarcity
signal.

Extant literature finds supporting evidence for the loss aversion theory. For example, Kahneman, Knetsch, and
Thaler (1990) conduct an experiment during which sellers were asked the minimum price they weillldgoto
accept to give up a product and buyers were asked the maximum price they would be willing to pay to acquire the
same product. The results were that on average, the asking price from sellers was much higher than the price offered
by buyers. Thexplanation for this finding, suggested by the loss aversion theory, is that sellers evaluate the product
as a loss, while buyers evaluate the same product as a gain.

Therefore, consumers may frame t he didgcchecomesewif- pr i ce
stock and may reframe the purchase as a potenti al il os

Time Pressure

Limited time can be viewed as another source of triggering loss of aversion behaviors. The strategy of offering
limited-time (.e. limitedtime offer or 24hour sales) for consumers to make purchase is often used by marketers as
well. When time closes to expiration, the signal of scarce time can trigger loss aversion behaviors due to potential
framing of i | o ses.A few Emptridalnsdieg finé supperting évidence. For example, Inman and
McAlister (1994) empirically tested the coupon redemption pattern on spaghetti sauce and found out that the
redemption rate increased greatly right before the expiration dageding that consumers try to avoid the potential
loss of expired coupons.

Peer Influence

Peer influence (also named as social effects, or social influence) is another commonly used sales boost strategy.
The earliest work examining the effect of peerieflic e can be seen from Keynesds se
1936, 1937). Keynes identified that sociological and psychological forces (social influences) were the major factors

affecting investorso®é behavi or s axplainédihatthe undedying meahanisma r k e t s

of peer influence was the fAherdingo theory which sugg:

uncertainty, people tend to believe what ohatothersate bel i e\

better informed than themselves. Banerjee (1992, 1993) present the theoretical work supporting that people are likely

to ignore their own private information and tend to f a
Marketing practitiones use fApeer influenced as a signal to indic

Under the herding theory, consumers tend to follow the crowd because they think that the rest of crowd is better
informed. Both experimental studies (i.e. Argo, VEhaind Dahl, 2006) and empirical work (i.e. Godes and Mayzlin,

2004) reach the findings that are consistent with the theoretical explanation for peer influence. For example, Godes
and Mayzlin (2004) indicate t hat howshaw explanateawpewesod TVOpi ni o
viewership behaviors and TV ratings.

Combinations of Sale Strategies

It is commonly seen that multiple sales strategies have been applied at the same time in practice. However,
academic research seems to miss to addnessgue of cumulative effects of different strategies on sales.

In our research setting, we focus on three strategies: time pressure, scarcity signal and peer influence. From the
discussion in Section 2.1, time pressure and scarcity signal are botllysappsals, therefore the combination of
iti me pressureo and fAscarcity signal o should be more e

Additional Analysis

Our sample contains two product categories: beauty and electronics. These two categdaies disries of
different characteristics such as prices, size, shape, color, functionality, etc. The major distinction, however, is that
beauty products have the hedonic attributes whereas electronics have the utilitarian attributes.

65



Literature in psycblogy suggests (Kivertz and Simonson 2002a) that people tend to take actions that will
maximize their positive feelings if the positive emotions were evoked. Other studies (Chitturi et al. 2007) show that
the hedonic attributes are more likely to evoketp@semotions. Therefore, the hedonic attributes are more likely to
motivate consumers to make purchase because acquiring the product will increase positive feelings.

In summary, this paper addresses two important managerial questions remain unanswered from existing literature.
First question is to address the issue of relative effectiveness of these aforementioned sales strategies. Advertisers and
managers are keenlgterested in finding the answer to this question. Particular, they are interested in understanding
what sales strategies are the most effective on TV shopping programs in terms of SPM. Knowing the answer,
practitioners will be able to maximize their saileshe most efficient and effective way. Second, little research has
evaluated the cumulative effects of different combinations of sales strategies on sales. This issue is also important
because it will help policy makers design the optimal policy to miaeigales.

Sample
Data Overview

The original data used in this study was provided by Home Shopping Networks (HSN) which is one of the leading
TV shopping networks in the U.S. and operates worldwide. In 2014, HSN generated $ $5 billion net sales with $1.37
billion gross profit. As of February 2016, HSN accounted for 25.1% market share of TV shopping network industry
(ibisworld.com) and its TV networks reached about 100 million households in the U.S. The HSN network broadcasts
live, customer interactive honshopping programming, 24 hours a day, seven days a week. The primarily retailing
methods include home shopping programming on the HSN TV networksmmerce on HSN.com, mobile
applications and outlet stores (hsn.com).

The data used in the analysis camtavo parts: the DVD video tapped programs and the mibyteninute sales
data corresponding to each program. In 2010, HSN debuted offering DVD video which recorded actual aired home
shopping programs. On average, each video has the length of two hindlgfeient numbers of sales pitches varying
from 1 to 9. For each sales pitch, the data recorded the following variables: the name and prices of the products, the
minuteby-minute sales and the number of customers making purchase during each mintiteal Eaenple has 281
sales shows, equivalent to 4,621 minutes in total.

Summary Statistics

Our sample contains 77 DVD video covering 281 sales pitches in total. Each sales pitch last from 2 minutes to
maximally 118 minutes with the average of 16 minutdseré are two product catego2edeauty and electronics.
The actual air time of these TV shows were from March 6, 2014 to March 26, 2014. The fact that our sample was
collected within the same month helps avoid the potential seasonality effect. Tablesltlsh summary statistics at
the pitch level of the whole sample. At the pitch level, the maximum cumulative number of unit sold is 603 and the
minimum number is 1. The maximum cumulative dollar amount corresponding to the product sold within one pitch is
$71,990 with the mean value is $3,634. The maximum number of customers made purchase within one pitch is 577
with the median is 38. The average price cross products is about $154 with the range from $14 to $1,900.

Table 1. Summary statistics of SPM on Sak Pitch Level

Variable Mean Median Min Max
# units 38 20 1 603
# customer 37 20 1 577
$ sales 3,634 2,186 15 71,990
$ price 153.49 59.95 14 1,900

Based on the fact that the two product categories are different in nature, we summarized the statistics by category.
Table 2 panel a. and panel b. display the statistics of beauty and electronics products, respectively. At the pitch level,
the mean of unitsold for a beauty product is almost triple as many as that for an electronics product. This observation
is intuitive because, in our sample, most of the beauty products (i.e. face lotion or nail polish) are relatively smaller
and less pricy compared wigectronics (i.e. computer or printer).

The differences of the numbers of customers made purchase between the two categories are quite similar to the
pattern of units sold. It can be seen that much fewer customers made purchase of electronics pngohreld tm

2 HSN offers tapped video on a limited ba@isn.com)
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those made purchase of beauty products. However, the cumulative dollar amount of sales of electronics is much higher
than that of beauty products.

Focal Variables

In this paper, we focus on three sales strategies (time pressure, scarcityslgre@ranfluence) and the primary
objective is to estimate the effects of these strategies on SPM. Empirically, we manually code three strategies as binary

variables indicating whether a particular minute of a show employs these strategies or not. 8pledifiy , we code
for the time pressure dummy if the sales pitch explicit
at any time within the pitch show. We code fAl10 for sca
code #1060 for peer influence if displays fAxxx soldd (he
focal variables and other TV pitch characteristics such as customer ratings, brand information and the gender of sales
representatives anglt her s . Among all 281 sale pitches, 97 % of t he
influenced and only 16% use fiscarcity signalo.
Table 2.

Panel a. Summary Statistics of SPM of Beauty Category

Variable Mean Median Min Max

# units 52 38 1 603

# customer 51 37 1 577

$ sales 3,404 1,890 15 31,209

$ price 65 36 14 249

Panel b. Summary Statistics of SPM of Electronics Category

# units 18 11 1 217

# customer 17 11 1 213

$ sales 3,948 2,700 40 71,990

$ price 310 200 40 1,900

Exploratory Analyses
In order to identify appropriate methodology to explore the relationship between sales strategies and SPM, we
first conducted exploratory analyses.

AFirst appearanceo

It is important to show whether displaying these boxes is correldtbdime. Figure 1 plots the pattern that at
the aggregate level, each box is displayed at which stage of the show. We use 20% as the time interval to divide each
show into five stages.

Y:Units Signal Use Pattern by Percentile of Show Time
900
800
700

600

4] 01 0.2 0.3 0.4 0.5 0.6 0.7 0.8 08 1
Percentile of Show Time

Figure 1. Signal pattern for each box vs. time at thaggregate level
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Figure 1 shows that both fsold boxo and Al eft boxo te
the show, while ficlocko tends to be displayed at rel at
intuti ve for the HSN hosts to use fisold boxdo to stimulate
to display fAleft boxo at early stage of the show becau:
much left to achievé he goal 6 (Al eft boxd) at | ater stage. I'n rea

donations wil/ not announce their Aaccomplishmentodo (i
donation campaign but later stage (i.esel to the goal). Therefore, such coutguitive observation may reflect

that the HSN hosts do not use these strategies optimally. This study, however, is to explore the effective factors that
drive SPM, with the hope to direct marketers to use thestegies optimally to maximize the sales.

fi S e c Appedrance

It is also important to examine whether displaying these boxes is correlated with quantity sold. Figure 2 reflects
that ficlocko tend to be displ ay theotheriwe hoxds tendgode displayednt i t y
when sales are smaller. It is not effective to displa;
observation confirms further that the HSN hosts may not use these strategies wisely. In aidaitieglance of both
figures suggest that the fAsold boxd and fAleft boxd see

Therefore, the proposed methodology should address this issue and control endogeneity, in order to generate
meaningfulresults.

Y: Units Signal Use Pattern by Percentile of Cumulative Sale

X

Figure 2. Signal pattern for each box vs. quantity sold at the aggregate level

Heterogeneity

In order to better understand the data, we also plot the cumulative quantity sold vs. cumulative time at the
aggregate level, as displayed in FigBreNe can see that for the whole sample, only about 33% of sales were sold
during the first half of the show time, leaving 68% of the sales were generated during the second half of the show.
Across the sample, there is no obvious sales accelerating point.

Y: % Sold Full sample

X: % Time

©

005 )11 015 02 025 03 055 04 45 ©5S S5 06 085 07 073

Figure 3. Cumulative % sold vs. cumulative % time: whole sample
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However, the examination of individual sales pitch reveals different insights. For example, Figure 4. Panel a. and
Panel b. plot how cumulative % sales vary with cumulative % time fos gétich ID 10141703 and ID 10141701,
respectively. It is clearly shown that for these two products, the sales accelerating points are quite different. This
observation suggests that there is a certain amount of heterogeneity across products. The ktgtenagesmme
from different product features, prices, hosts etc. Therefore, the proposed method should also take into account of
heterogeneity.

PitchID 10141703 PitchiD 10141701

o8 -

0o

Panel a. Panel b.

Figure 4. Cumulative % sold vs. cumulative % time for individual shows

Proposed Methodology

This section discusses the proposed methodology with the first goal to model the decisions to utilize these
strategies while controlling for endogeneity and heterogeneity, and the second goal is to estimate the effect of
strategies osales in terms of SPM. Section 5.1 details the latent class model which we use to model the decisions,
and Section 5.2 presents the response model which we use to estimate the effects of strategies on SPM.

DecisionMode}l Latent Class Analysis

The exploratry analyses in section 4 show that the data have endogeneity and heterogeneity issues that need to
be controlled in the proposed model. The result figures suggest that there are certain observed associations between
two or more variables of the shows.dddition, the observed associations can be due to some common factors of one
group of homogeneous shows. However, different groups of shows display distinguishable features. This line of
reasoning |l eads us to the | aatennfdrlatent cdasssanalysts dsehe beliebtibah u s e
observed association between two or more categorical
Green et al., 1976).

The following notations have been applied to the restofthe pgpeto s cr i pt i (i =1,
k denotes the cfxasnetesshe dbserved frequelcy i@ the sBlgs pitch oftthelass?” denotes
4
the number of responses within that latent cladhx denotes the estimated probability of a response beingtthe i
category of the h variable given latent clags

2 ’

The latent class model can be expressed as follows:
m
~ Var ¥ oon ¥ ¥ ¥V
Tiyig iy = Z Py, Py Py, Py,
y=1

The purpose of latent class analysis is to classify each sales show to the appropriate latent class (group) and to get
the estimated probabilities of occurrence of any shows that have similar features. In the latent class analysis, dependent
variables ar¢he three strategies which are coded as dummy variables. The predictors include the cumulative time (in
% format) and cumulative sales (in % format). The reason to choose such predictors of percentage of time and
percentage of sales is to avoid the po#drgize effects which could happen when the time length of shows are
significantly different from each other. We also include the quadratic form of cumulative time and cumulative sales
to control norlinearity. The covariates include the variables thap leiplain the class membership characteristics
including the product category, gender of TV hosts, etc.
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For the estimation, we choose to use the software package Latent GOLDR (Vermunt and Magidson, 2000)

although several other computer programs or dtaispackages are available. Latent GOLD can deal with

multivariate normal distributions, as well as mixedde data with greater flexibility than other alternatives.

Table 3 presents the estimated probabilities of different classes. Based on the @itBiiGnthe threeclass

model fits the data best. In order to interpret the probabilities and to illustrate the associations among three variables

in a straightforward fashion, we generat® 3urfaces showing how the estimated probabilities vary wite &nd
sales. It is worth mentioning that all the surfaces were generated using-frebadilities instead of probabilities

from Table 3.

Figure 5 displays the-B surface with logprobabilities of showing clock asaxis, cumulative sales asaxis,
and cumulative time as-gxis. This surface reflects how lpgopensity of clock varies with cumulative time and

cumul ati ve

and then decreases Witumulative time and cumulative sales. The probability seems to reach the maximum around
the middle point of the show time and sales.

sal es. | t

can be

seen

Table 3.

Panel a. The estimated probabilities with one latent class
Predictors Clock Left box Sold box
Constant -4.7001 -66.6215 -0.7852
Cum_sold 3.1047 -41.8208 28.745
Cum_sold -10.9413 23.77 -16.0605
Cum_time 12.119 315.5593 0.7548
Cum_timé 7.4963 -167.579 -8.7143
Panel b. The estimated probabilities with two latent classes
Predictors Clock Left box Sold box
Constant -2.8242 -1.0436 -0.9151
Cum_sold -0.9652 9.7922 14.5586
Cum_sold -3.4288 -12.4252 -9.1669
Cum_time 13.3729 13.4986 -8.3797
Cum_time -0.5091 -6.0819 4.2487
Panel c. The estimated probabilities with three latetdasses
Predictors Clock Left box Sold box
Constant -1.9415 -3.7657 -1.583
Cum_sold 10.9809 -10.3453 27.2582
Cum_sold -11.7181 9.0609 -9.6438
Cum_time -1.4296 9.5286 -12.8864
Cum_time 7.0504 -5.7517 -1.8517
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Figure 5. Associationamongpr opensi ty of fclocko, % sold and % ti me f

Figure 6 and Figure 7 are[3 surfaces that for three latent class model, displaying the associations with log
propensity of showi ng Ffakes, frespechivelx &igu Bulalsihatate ¢probbabaity of as =z
showing fAleft boxodo first decreases, and then increases
change (ficurvatureo of the surface) seems toé&tbbogmal be
more likely to be used in the beginning and the ending of the show, and also suggests that it is more probable that this
strategy is used when sales just start or almost ends.
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